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Abstract

This study explores the role of artificial intelligence (Al) versus human recommendations in
driving sustainable consumer behavior within the Italian fashion industry. The research aims to
develop a strategic framework that enables fashion brands to engage eco-conscious consumers
through data-driven personalization while promoting responsible production and consumption.
Drawing on the Technology Acceptance Model (TAM) and the Theory of Planned Behavior (TPB),
the study investigates how pro-environmental commitment (PEC) influences purchase intentions

both directly and indirectly through AI- and human-generated recommendations.

A quantitative, explanatory research design was employed, using a structured questionnaire
distributed to 256 respondents who prefer eco-friendly products. The data were analyzed using
SPSS (Version 29) and PROCESS Macro models to test for mediation and moderation effects.
Results revealed that PEC is the strongest predictor of sustainable purchase intentions, followed
by Al-generated recommendations, which significantly amplify the relationship between PEC and
purchase behavior. Human recommendations, while positive, showed no significant predictive

effect when controlling for other variables.

The findings underscore the potential of Al-powered personalization as a strategic tool for
promoting sustainable fashion, suggesting that brands should integrate Al-driven
recommendation systems and align campaigns with consumers’ environmental values. This
research contributes to the literature by comparing the relative impact of Al versus human
recommendations in sustainable marketing, offering insights for practitioners, policymakers, and
scholars seeking to bridge the gap between technological innovation and environmental

responsibility
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1 Research background

The role of Al in marketing has observed a significant growth, which is backed by its ability to
personalise consumer experience and predict future behaviour, which has also made it a significant
driver of engagement with customers. An article by Ganesh et al. (2024) focuses on the application
of Al technologies within marketing. It talks about consumer behaviour, segmentation, and
personalization. Their findings indicated that Al has helped marketers in understanding consumer
preferences effectively and predicting their future behaviour, which is important for targeting eco-
conscious consumers. The key insights include the fact that Al algorithms are used for enhancing
segmentation accuracy as it has the capability of grouping the customers based on their eco-
friendly behaviour. Machine learning is also used for predicting consumer behaviour towards
green products, as it helps in analysing past behaviour of the consumers. The researchers also
found out that Al helps in providing real time insights, that helps brands deliver personalised

content to their customers, thus promoting sustainable products.

On the other hand, the Al application cannot be regarded as the only factor impacting consumer
behaviour in sustainability, the fashion sector has been influenced much. In another stream of
research, De Angelis et al. (2020) examined the growing importance of sustainability within the
fashion sector, when it comes to responding to the increasing demand and pressures with respect
to social and environmental responsibility. The researchers added that fashion sector serves as the
key contributor to greenhouse gas emissions, which is more than aviation industries and
international shipping industries combined. Gen Z and Millennials have realised the importance
of sustainability; hence, they are interested in purchasing from the brands who are offering

responsibly produced apparels.

Interestingly, psychological factors also impose a great influence over consumer behaboor, as it
plays a pivotal role within sustainability choices. In contrast, Amatulli ef a/ (2019) also studied
the impact of positive and negative messages on the consumer willingness to engage in the
environmentally friendly behaviour. The researchers conducted 4 experiments which depicted the
consequences of choosing the green products (positive framing) and those who are not choosing

(negative framing). The results of the study indicated that negative framing is more successful in



persuading consumers to buy green products as well as engaging in the environmentally friendly

behavior.

Another research article by Muduva and Kiwa (2025) sheds light on the green marketing that also
discusses about the promotion of eco-friendly products and sustainable marketing practises. The
article discusses about the best strategies which can be used for keeping eagle conscious customers
engaged with the help of Al. The key insights include the fact that the success of green marketing
depends on understanding consumer behaviour towards sustainability. In this, a significant role
can be played by Al, as it offers inside regarding customer attitudes at a granular level. Al can also
help in tracking sustainability trends over time, which helps in knowing the consumer preferences
in real time. On the contrary, Dixit and Singh (2025) enunciated there are different Al tools which
can be used by the marketers, some of it includes predictive analytics and NLP (natural language
processing), which are used for creating personalised and eco-friendly marketing message to be
delivered to consumers. Goutam et al (2025) also found that Al powered recommendation systems
can also be used by the companies for the sake of increasing the likelihood of consumers choosing
their sustainable product, as these systems offered them the alternatives to the traditional options
to be chosen from. The scholarly views discuss priory have clearly indicated the importance of Al
usage for sustainable marketing practices and hence, fashion sector in Italy should be examined.
The research however, following this foundation delves into the deeper insights as how Al can be

leveraged upon and what benefits it will be bringing forward to the fashion brands.
1.1 Research aim

The key focus of the following research is to focus on how Al has been effectively utilised within
marketing strategies for promoting sustainable practices in the context of Italian fashion industry.
The goal however is to come up with a strategic framework which will help brands in engaging
eco-conscious consumers while at the same time encouraging responsible consumption and
production patterns, and proving Al vs Human aspect. In addition to it, the area of focus is Italian
fashion sector and decision of which has been stemmed from the global influence, environmental
footprint and cultural competence, which makes it critical area for the overall sustainable
innovation. Contrastingly, the following research is also conducted due to the urgency of

addressing environmental degradation, which is caused by fashion industry, fast fashion because



fast fashion significantly contributes to waste, resource depletion and influence. Having said that,
Al is significantly reshaping the way businesses used to operate and seeks to impact consumer
behaviour. Moreover, the following research is important due to various reasons, for scholars, the
study shall contribute the existing literature available on sustainable marketing, Al and its tools
and consumer behaviour. Similarly, the research will also be an eye opener for the Italian fashion
market, as it will be offering insights as to how the businesses are aligned with the business
strategies and sustainability goals, while being competitive in the market. Lastly, the study will
also be beneficial for the policy makers as they will be able to look after regulations and initiatives
which supports digital innovation for driving environmental responsibility within the key

industries.
1.2 Research Question
The research question for the current study will be as follows:

How are Al vs human recommendations used in sustainable initiatives taken by fashion

companies in Italy?

The research question has been developed by considering two intersecting global trends. This
includes growing concern on sustainability within fashion industry, as well as rapid adoption
towards artificial intelligence throughout various industries. Moreover, fashion sector in Italy has
been associated with the craftsmanship and tradition which is deeply rooted but now a significant
challenge is to keep them aligned with the sustainability goals. Simultaneously, Al and its role has
also been increasing and being used for optimising production, customer experiences and supply
chains. Theoretically as well, the research draws on particularly, different theories, some of which
includes technology acceptance model and theory of reasoned action. They are suitable as they
proves consumer behaviour and acceptance of new technology, that will help in explaining Al vs

human recommendations.
1.3 Research Objectives
To achieve the aim, the following research objectives has been developed:

e To study the concept of Al and sustainable marketing within Fashion Sector



e To analyse the impact of Al vs human on sustainable marketing strategies in fashion
industry of Italy

e To assess how Al personalised marketing techniques imposes an impact over the
consumers perceptions and decisions towards eco-friendly fashion products in Italy

e To develop a sustainable marketing framework for using Al in marketing practices,
impacting sustainable initiatives and focus on communication within fashion industry of

Italy
1.4 Problem statement

Many organisations functioning in the current eon is taking sustainable initiatives, as customers
these days are becoming increasingly conscious. In the context of fashion retail sector of Italy,
there has been observed an increased demand in the eco-conscious and sustainable products from
the consumers, as they are becoming aware of the environmental impact of the purchasing
decisions they are taking. As per the statistics by Ruiz (2025), 41% Italians stated that they are
ready to make a significant change when it comes to adopting a sustainable lifestyle. Despite of
this growing concern from consumers towards sustainability, fashion brands still struggle when it
comes to effectively integrating sustainable practices within their marketing strategies. As said by
Kulkarni et al. (2025), traditional marketing methods have failed to adequately to communicate
the true impact of environmental efforts of brands, which has led to lack of trust among the
customers and skepticism when it comes to sustainability claims. This is why, fashion industry
tends to face this challenge aligning the profitability with sustainability, particularly, when it

comes to balancing fast paced fashion cycles with the eco-consciousness.

The problem which the current study examines lies in the gap between the increasing demand
towards the sustainable fashion and the ability of the industry in leveraging the technology,
especially when Al has taken over for marketing the efforts in an effective way. The study also
assess the comparison between Al vs human recommendations, to analyse its impact on purchase
intentions. This nevertheless, results in the missed opportunities for keeping eco-conscious
consumers engaged, and building the brand loyalty, and as a result driving sustainable future for
fashion retail sector within Italy. The following study focuses on the pressing need for developing

such a strategic framework which makes the use of Al and ensuring that marketing practices are



not only meeting the eco-conscious customers’ expectations but also promoting sustainable

practices in a scalable, impactful and transparent manner.
1.5 Research Significance

The research is highly significant because it seeks to address the growing need and focus on
sustainable marketing practices within the fashion retail sector in Italy, which is also driven by the
increased demand from eco-conscious consumers. Fashion brands, though, are facing significant
challenges in terms of effective communication of the sustainable initiatives they have taken and
at the same time maintaining trust and loyalty among customers. The study, however, aims to focus
on the role of Al in bridging the gap by highlighting sustainable efforts and enhancing overall
transparency. Research offers valuable insights for the fashion brands as it tends to depict how
they can leverage Al tools for say, supply chain tracking, data analytics and targeted marketing
campaigns for aligning the business strategies with the expectations of eco-conscious consumers.
The following study also contributes greatly to the broader conversation on the sustainable
practices within the fashion sector, advocating for the use of technological innovation for

minimizing waste and reducing environmental impact of the fashion industry.
1.6 Outline of the Study

The study, however, will involve different chapters, the description of each is mentioned as

below:

e Chapter 1 introduces the study, which elucidates research objectives and aims, thus
offering directions in which the study will be carried out. Also, it will offer a brief
background about the study and research significance

e Chapter 2 reviews scholarly sources and articles by examining the views of other scholars
on the given topic can be examined. The articles will be extracted from renowned sources
including Emerald Insight, Google Scholar, Jstor and others which have A-category articles
shedding light on the topic

e Chapter 3 offers a direction in which the study will be carried out. This involves peeling
research onion layer by layer so that which research methods are to be followed can be

examined and data can be collected that way.



e Chapter 4 reports data analysis. This involves highlighting the efforts of the researcher to
portray how well the research objectives are met. This also involves reviewing findings in
light with literature.

e Chapter 5 sums up the entire thesis, as it offers a full fledge conclusion of the overall study.

This will also offer recommendations and will highlight the areas for future research.



2 Literature Review
2.1 Introduction

The increasing urgency of the overall climatic change as well as environmental deregulation has
enabled the businesses for adopting sustainable practises throughout their operations particularly
in the marketing. Consumers these days have become quite conscious when it comes to making
purchases that is why they are demanding more responsibility, transparency as well as authenticity
from the preferred brand. Having said that, the advent of technology has also made it possible for
the businesses to be adaptive and adopt such ways which keeps its customer satisfied. Artificial
intelligence, however, serves as a powerful tool which has transformed the marketing strategies in
favour of sustainability. This chapter therefore explores the idea of leveraging sustainable
marketing and artificial intelligence by contemplating ethical and environmental goals. The
chapter will also discuss the theories that back the use of Al in sustainable marketing and its impact

on the eco-conscious consumers.
2.2 Al -defined

Artificial intelligence is defined as a computer system that can perform tasks that require human
intelligence, for instance, problem solving, learning, and decision making. There are various
technologies associated with artificial intelligence some of which include machine learning,
predictive analysis, natural language processing etc. These tools are used for various purposes
which includes automation, personalization as well as data-driven insights. Within marketing,
artificial intelligence can be used for the sake of processing vast amounts of data, which is used

for forecasting, delivering tailored content, segment audiences etc. (Chintalapati & Pandey, 2022).
2.3 Sustainable Marketing

Sustainable marketing is also defined by Park e a/ (2022), at the process of promoting, product
services as well as brand value which are emphasised on social and environmental responsibility.
Back in traditional times, traditional marketing used to prioritise short term gains, whereas
sustainable marketing is focused on the long-term value creation for the society, planet and
consumers. This approach however also integrates the transparent communication, eco-friendly

innovation as well as ethical sourcing. The aim of sustainable marketing is to shift consumer



behaviour towards making them more conscious in their consumption patterns and at the same

time making the brand competitive.
2.4 Importance of Sustainability in Marketing

According to Heath & McKechnie (2019), sustainability is no longer an option available rather it
is a critical component which impacts consumer trust, long term viability as well as brand
reputation. As environmental issues and the awareness is increasing at a faster pace, consumers
these days are increasingly prioritising their choices to be sustainable and ethical. This shift
however embeds their overall purchasing decisions and making it important for the companies to
keep their values and actions aligned with the eco-conscious expectations of their customers. On
the other hand, Kemper & Ballantine (2019) enunciated, sustainable marketing helps the brand to
give themselves differentiated in the crowded markets by reflecting commitment towards
responsible practises search as reducing the carbon footprint, supporting overall social equity and
making the use of sustainable materials. Similarly, investor preferences and the regulatory
pressures are also pushing the brands towards greater sustainability and transparency disclosures.
And if the brands fail to adapt, they are likely to experience reputational damage, reduce share in
the market and customer attrition. In addition to it, companies who have successfully embraced
sustainability, have fostered strong relationship with their customers, experience increased levels

of customer loyalty and attract a segment of value driven customers.
2.5 Al and Marketing

As said by Emon & Khan (2024), Artificial intelligence has, however reshaped marketing by
enabling personalization, precision as well as performance at unprecedented scale. In the current
times where digital transformation is taking place, Al tools have revolutionised how businesses
used to operate and understand their customers. With the help of data mining and predictive
analytics, Al can help brands uncover deep insights into the customer preferences, behaviours and
trends. This, however, allows the marketers for crafting highly targeted campaigns, optimising
messaging and timing and improving the conversion rates, these are the components which are
essential in both sustainable and conventional marketing strategies. Al can significantly contribute
to marketing: for instance, the use of virtual assistants and chat boards enhances the customer

services but real time and allow the brand to send its customers, the personalised responses.



Moreover, recommendation engines which are powered by the machine learning can be helpful in
offering product suggestions; as a result, this can improves overall user experience and increases
sales. Sentiment analysis, on the other hand, is also helpful for the brands as it enables them to
understand the perception of the public and be adaptive towards messaging accordingly. Let's now
shed light on the integration of Al with the sustainability goals, Where Al has become quite
impactful (Hermann, 2023). Al can help in identifying wasteful marketing strategies, can help the
brand and optimising resource allocation as well as tracking sustainability metrics in real time. Al
is also helpful in helping the brands communicate their eco-friendly initiative in a comprehensive
manner, by ensuring the alignment between the two, consumer expectations and claims. It also
offers facilitation in the life cycle marketing, as it can predict when the consumers are likely to
buy a sustainable product replacement or needs an upgrade (Darban et a/, 2023). Al personalised
marketing is defined as the use of Al in sending marketing messages, product recommendations
and consumer experiences based on their preferences. The key benefits of Al personalised
marketing includes strong base of customers, satisfaction and engagement as well as improved

customer loyalty.
2.6 Theoretical Underpinning
Technology Acceptance Model (TAM)

Technology acceptance theory is one of the greatest theories that explains how users adopt new
technologies. This theory is based on the two factors: perceived ease of use and perceived
usefulness. This theory states that users are likely to adopt technology which they find helpful and
offers them ease. TAM is also used for predicting user behaviour towards the innovative systems
and is relevant towards understanding user acceptance towards Al in the sustainable marketing.
The man behind this theory is Davis and was originated in 1989. Perceived ease of use in this story
is explained as the degree to which a user considers using a particular technology would require
less efforts, whereas perceived usefulness is explained as a degree to which a user considers a
particular technology is likely to impact their performance (Taherdoost, 2018). This story is found
relevant to the topic under consideration because, it is useful in analysing how the customers under
businesses bear flew artificial intelligence tools within marketing, particularly when promoting the

sustainable products. The Al driven marketing solutions is implemented which involves predictive



analytics for analysing waste reduction, energy efficient targeting algorithms, and personalised
recommendation to the customers for eco-friendly products, when these are perceived both

effective and easily usable in achieving sustainability goals, the adoption of it is likely to increase.
Theory of Planned Behaviour (TPB)

This theory was proposed by Ajzen in 1991. TPB is one of the psychological theories that explains
how human behaviour is driven by behavioural intentions. There are three core components which
shape these behavioural intentions, including subjective norms, perceived behavioural control and
attitude towards behaviour (Sari, 2022). Attitude towards the behaviour involves the negative and
positive evaluations of performing a particular behaviour. Within the given context, it is basically
the positive response from the end of consumers, towards Al-driven sustainable marketing, that is
making the use of Al tools for the sake of identifying eco-friendly products. in contrast, subjective

norms are the perceived social pressures for performing or not performing a behaviour.
2.7 Leveraging Al for Sustainable Marketing in Retail Fashion Sector of Italy

The integration of artificial intelligence within the marketing practise has become a pivotal strategy
for promoting sustainability. Consumers nowadays are prioritising environmentally conscious
products as well as corporate transparency therefore, organisations are also turning towards Al not
because of the efficiency rather utilising artificial intelligence for the sake of driving sustainable
initiatives. The following section explores the role of Al in sustainable marketing, by focusing on
win advertising, product lifecycle management and supply chain transparency (Biswas & Roy,
2018). According to Chatterjee et al (2021), Al has played a transformative role when it comes to
sustainable product lifecycle management as it helps in the ecofriendly design, these reduction as
well as resource maximisation and optimization. Dignum (2020) Stated that Al powered
simulations and other related tools have helped businesses in optimising material use as well as
improve the product sustainability. By implementing the predictive analytics, companies can
perform better demand forecast, thereby also reducing waste and overproduction. Legend has also
helped the businesses in planning the end-of-life state of the products, which includes reusing

options and recycling aligned with the principles of circular economy.



Green advertising on the other hand, has revitalised through the ability of Al to target audiences
based on the behavioural and psychographic data. Al technologies, however, allow the market
years to tailor the messages which are in line with the sustainability values of an individual and
imposes a significant impact on the green campaigns. Moreover, brands are also making the use
of Geo targeted advertising that also allows them to highlight region specific initiative of
sustainability, which not only improves the trust but also keeps the customers engaged. The
application of these into the real world also validates the potential of Al in green marketing.
Example of Unilever can be quoted here as the company has made the use of Al sentiment analysis,
it has defined its messages towards biodegradable cleaning products (Dwivedi et al, 2021). On the
other hand, IKEA has also contemplated Al driven platforms, it helped it to prioritise sustainable
options which has impacted its purchase decisions at the point of sale. Patagonia however has also
deployed machine learning within its e-mail marketing for promoting reuse and repair programme,
which has reinforced its sustainability mission. The example discussed, clearly explains the

alignment of Al with branding, consumer values and messaging around sustainability.

Similarly, supply chain transparency is also another critical area where contribution of Al has been
significant when it comes to sustainability. As stated by Huang & Rust (2021), Al in conjunction
with the blockchain helps in the real time tracking of materials, from its sourcing to shelfs. This
not only allowed the brands to verify the ethical sourcing, it also enables them to monitor the
carbon emissions and detect any anomalies suggesting compliance breaches or greenwashing.
There are carbon tracking tools as well which are Al powered, it helps in the product specific
emission data, they are also capable of facilitating accurate environmental reporting. Just within
sustainability is an important claim which is essential for the customer buy-in. Platforms which
are Al driven can help in validating eco-labels, helps in monitoring environmental certifications
etc. Digital labelling systems as well as chatbots used as a transparent communication tool, which
keeps the customers more educated about the impact of the product. These technologies, however,
help in bridging the information gap and helps in fostering the long-term brand loyalty from the

end of eco conscious customers.

The fashion sector in the Italy is however known for its luxury brands as well as the global
influence it has had on the overall fashion market, this very sector is also under the scrutiny

regarding the sustainable practises. Al is one of the key enablers which is aligned the fashion



marketing with the eco conscious consumer values and so does the human recommenders. The
predictive analytics helps the fashion retailers in understanding the shift in the consumer
sentiments, which has shaped around the sustainability also enables the brands to consider tailoring
their messages and campaigns resonating with the environmentally aware customers. On the other
hand, Disperati & Cianfanelli (2024) has stated Italian fashion retailers have however leveraged
Al driven personalization engines, which helps in recommending sustainable product based on
consumer preferences. By going through the consumer archives which involves purchase history
and their browsing patterns, Al however can also suggest eco-friendly alternators for example
organics fabrics and launching of the recycle material collections. This as a result will help in
nudging consumers towards the adoption of greener choices without sacrificing their own style.
Similarly, AI tools can help end dynamically addressing the campaigns for emphasising
sustainability performance of the retailers, such as transparency in supply chain disclosures, reduce
carbon footprints etc. these have become increasingly important for customer loyalty within

European markets.
2.8 Al vs Human Recommendations in Marketing

Artificial Intelligence (AI) has become a dominant force in digital marketing, particularly for its
ability to deliver personalized recommendations at scale. Al tools leverage user behavior data,
style preferences, and sustainability metrics to suggest eco-friendly products, such as items made
from organic cotton or recycled polyester. Studies show that Al enhances perceived utility by
offering relevant and timely suggestions, especially to consumers who are already inclined toward
environmental sustainability (Shukla, 2024). These recommendations often include contextual
explanations—Ilike reduced carbon footprints—which are shown to improve decision confidence
and purchase intentions (Mumtaz et al., 2025). Furthermore, Ashok and Qureshi (2025) found that
Al-based fashion assistants embedded in augmented reality applications not only improve
shopping experiences but also lead to higher consumer satisfaction and repeat engagement.
However, trust in Al is still evolving. While many eco-conscious consumers appreciate the data-
driven insights of Al, some remain skeptical about whether algorithms can fully grasp personal
ethical preferences. Yet, among digitally native consumers, especially Gen Z, Al suggestions are
increasingly trusted—often more than human ones—for functional and sustainability-aligned

choices.



Despite the advances in Al, human advisors continue to play a pivotal role, particularly when
emotional engagement and trust are required. Human recommenders, such as in-store assistants or
influencers, are perceived as more capable of understanding nuanced personal and ethical
considerations. According to Vetrivel et al. (2025), human agents excel in conveying empathy,
building rapport, and tailoring advice to a consumer’s values—attributes especially important in
eco-conscious fashion, where identity and ethics often intersect. Unlike Al, human recommenders
can interpret non-verbal cues, offer moral reasoning, and engage in persuasive storytelling, all of
which contribute to stronger intention to purchase sustainable products. Spais and Chryssochoidis
(2025) argue that human interaction enhances the credibility of green claims, making sustainability
more "real" for consumers. Xie (2025) supports this view, emphasizing that human sources—
especially those perceived as experts or aligned with environmental movements—hold significant
sway over ethically inclined consumers, especially in contexts where greenwashing concerns are

high.

Consumers with strong pro-environmental commitments—those who feel responsible for their
impact on the planet—are more likely to choose sustainable products, even at higher costs. This
relationship between environmental identity and eco-purchase behavior is well established in
sustainability literature. Kulikova and Aliteesa (2024) found that individuals who support
renewable energy, carbon footprint reduction, and recycling are significantly more inclined to act
on their beliefs by purchasing eco-conscious fashion. Similarly, studies across Europe, including
Italy, confirm that moral norms, perceived responsibility, and willingness to pay premiums for
green products are core predictors of sustainable fashion adoption (Mumtaz et al., 2025; Spais &
Chryssochoidis, 2025). The Italian fashion market, known for its luxury and craftsmanship, is also
increasingly recognizing eco-ethical purchasing patterns. When Al or human recommenders align
their messaging with these values, environmentally committed consumers are more likely to
convert intention into action. Therefore, environmental commitment acts as a moderator,
amplifying the effects of both Al- and human-powered personalized recommendations. According
to Vetrivel et al. (2025), humans outperform Al in domains requiring moral sensitivity or
emotional resonance, such as sustainability. Human agents can explain environmental benefits
through storytelling, reinforcing brand values and perceived eco-authenticity. Xie (2025)
emphasizes that consumers often trust peer recommendations or ethical experts over Al

particularly when evaluating if a product is truly sustainable or greenwashed. Shukla (2024) finds



that Al systems, when trained on consumer sustainability goals, can increase engagement and
purchase likelihood, especially when consumers are offered detailed eco-impact information
Moreover, Mumtaz et al. (2025) found that Al assistants offering sustainable fashion suggestions
based on previous buying habits or style preferences were viewed as efficient, but some consumers

still questioned AI’s depth in understanding ethical nuance—a key factor that may temper reliance.
2.9 Strategic Framework for Eco-Conscious Consumers

The fashion industry weather Italy is long admired globally, was also influenced and disrupted by
the COVID-19 crisis. Insert situations the fashion retailers in Italy experience a drop in the sales
level, international demand was also influenced and small and medium sized fashion retailers also
faced major financial strain. There was severe challenge which fashion industry faced, some of
which includes fragmentation, as fashion sector is equipped with small and family-owned
businesses, which makes it difficult for scaling, digitizing and competing globally. Another
challenge was in in terms of sustainability pressure where, consumers and regulators expected
fashion brands to consider sustainable production, but there were many Italian brands which lag
the green practices and failed to be adaptive (McKinsey & Co, 2025). As stated by Longoni &
Cian (2020), AI has and brought transformation in marketing as it has enabled hyper
personalization, automation and predictive analytics. Within the sustainability context, Al can be
strategically integrated within the marketing framework for enhancing green value proposition,
optimising supply chains as well as reducing waste with the help of precision targeting. Some of
the emerging models for sale sustainable marketing framework is however aligned with the
artificial intelligence capabilities with social and ecological goals, the emphasise of which is on
the integration of sustainability KPI's within marketing decision making. To target eco conscious
consumers, it 1s essential to gain full-fledged understanding towards the behavioural
psychographic data that reflects their green values. Al tools including machine learning algorithms
and natural language processing can help in identifying environmentally responsible consumer
segments, add these to the capable of analysing purchase history, social media and sentiment data.
At one end where Al offers marketing efficiency, on the other hand it also raises some serious
ethical concerns specially regarding the data privacy, transparency and algorithm bias. In
sustainable marketing, these issues are however magnified due to the moral expectations of the

customers who are equal conscious (Kietzmann, Paschen, & Treen, 2018).



Consumer trust is regarded as one of the critical factors in Al driven sustainability campaigns.
There are mixed reviews of the scholars available on this. Some say that there are consumers who
appreciate the role of Al in promoting transparency which includes dragon carbon footprints,
whereas other consumers express skepticism about the decision made by the machine in the ethical
domains. There are different models which helps in assessing the attitude of customers towards
the Al in marketing. This also includes a model named as technology acceptance model and unified
theory of acceptance and use of technology (Baruno & Indrasari, 2025). To explain this, example
of different brands can be discussed here, some of which include Tesla. Tesla makes use of Al, for
personalising in app and e-mail communication with its customers who prefer green products,
which as a result, aligns Al driven data with energy savings incentives. Another example to be
quoted here is of Patagonia which has also leveraged the use of Al for optimising its overall supply
chain and has promoted its “Worn Wear” program, with the help of predictive analytics for
suggesting recycling and reusable alternatives to its new products. Al has also been effectively
used in creating equal conscious product recommendation because of carbon footprint analysis,
user behaviour as well as material sourcing data. Within the advertising perspective, programmatic
Al tools can target the users based on sustainability preferences, which are known from their

browsing behaviour and predictive personas.
2.10 Research Gap

Despite the increasing interest by brands regarding the use of Al for promoting sustainability
within marketing, there still exists limited research which has shed light on leveraging Al for
sustainable marketing, particularly targeting the eco-friendly consumers. The research gap which
the following research study explores is clear in a way, the studies reviewed have covered the
domain of Al and sustainability but there is less or no focus on the fashion industry in Italy. Having
said that, the following study shall unfold this gap and will be entirely focus on how fashion brands
in the Italy are contemplating the use of Al for promoting sustainable and impacting the eco-
conscious behaviour of the consumers positively. A study by Amatulli et a/ (2021) has also focused
on assessing impact of marketing communication strategy of a luxury hotel on the consumer
willingness for booking a room. The results indicated that consumers are more concerned about
the dispositional environmental impact and article however contributes to the sustainable luxury

tourism industry. On the other hand, De Angelis ef a/ (2020) also focused on assessing the key



issue in fashion industry that is sustainability. The study’s findings revealed that sustainability is
appealing when consumer prefers luxury goods for personal style while those who tend to buy
luxury goods for the status prefers sustainability in fast fashion brands. Considering these studies
as well, they have covered the sustainability aspect in different industries but specifically analysing
it in the Fashion sector of Italy is nowhere found, which however, will be the core focus of the

following study.

2.11 Research Hypothesis and Conceptual Framework

Purchase Aivs Human Pro-

Environmental
Commitment

Intentions Recommendation

Figure 1: Research framework

This study employs a parallel mediation model to examine how Al-generated and human-
generated recommendations influence consumers' pro-environmental commitment. In this model,
Purchase Intentions (X) serve as the independent variable, representing the consumer’s intention
to make a purchase, likely related to environmentally sustainable products. These purchase
intentions affect the consumer's subsequent choices, which may lead to stronger pro-environmental
behavior. The study introduces two parallel mediators: AI Recommendations (M1) and Human
Recommendations (M2). Al-generated recommendations are typically based on data and
algorithms, influencing consumers through logic and efficiency, potentially guiding them toward
more sustainable products. On the other hand, Human Recommendations carry an emotional and
relational aspect, with personal or social influence encouraging environmentally friendly choices.
Both mediators—AI and human—independently shape the relationship between purchase
intentions and Pro-environmental Commitment (Y), which represents the consumer's level of

commitment to sustainable behaviour. By exploring these dynamics, the study aims to understand



which type of recommendation has a stronger impact on encouraging pro-environmental actions

and how they contribute to the decision-making process.

Hi: Al-powered personalized (vs. human recommendations) increase eco-conscious consumers’

purchase intention in Italy

Ha: Consumers Pro- Environmental Commitment have a positive impact on purchase intentions of

eco-conscious consumers in Italy
2.12 Summary

To summarise the overall discussion conducted above, it can be said that climate change and
environmental deregulation have led businesses to adopt sustainable practices, particularly in
marketing. Consumers demand responsibility, transparency, and authenticity from brands. Al has
revolutionized marketing by enabling hyper-personalization, automation, and predictive analytics.
In sustainability, it can enhance green value propositions, optimize supply chains, and reduce
waste. However, ethical concerns about data privacy and algorithm bias persist. Brands like Tesla

and Patagonia use Al for personalized communication and sustainability recommendations.



3  Research Methodology
3.1 Introduction

The following study explores how the use of Al can be leveraged it wasn't the marketing strategy
for driving sustainable practises and appeal eager conscious customers but in the context of Italy.
The following chapter will unfold the use of these are strategies through which data will be
collected. In the current scenario, what types of data will be used that is primary and secondary as
it will offer insight into the effectiveness of Al driven marketing for promoting environmental
responsibility. The goal, however, is to develop a strategic framework which can be used by
different brands particularly in the fashion industry for keeping their eco conscious consumers

engaged through Al powered marketing techniques. The research methodology is given as below:
3.2 Research Approach

Research approaches are of two types which includes inductive and deductive. Inductive approach
is used well the study is based on secondary data or qualitative data or it also involves using
primary data to with the help of interviews (Gupta & Gupta, 2022). For the following study,
deductive approach will be used because it will help in building on the existing theories which
relates to sustainability, role of Al and consumer behaviour. The research hypothesis has also been
developed, which can easily be tested with the help of deductive approach, as both types of data
will be collected, involving permit data with the help of surveys and secondary data through
existing literature, case studies and reports. By deploying this very research approach, study seeks
to offer insights into the association between the consumer sustainability choices and Al

technologies based on data-driven analysis.
3.3 Research Philosophy

The research philosophies which are used in a particular research study involves positivism an
interpretivism. East philosophy has its own significance and is used differently based on the topic
under study. Positivist philosophy focuses on observations, quantifiable data as well as objective
analysis (Verma, Verma & Abhishek, 2024). In the current scenario of Al and marketing,
positivism research philosophy is suitable because it focuses on the measurable outcomes

including consumer behaviour, Al driven marketing campaigns and their success in promoting



sustainability. The selective philosophy however helps in analysing the influence of Al on
consumer decision making about the eco-friendly product and services. To justify this further, the
research will be heavily relying on the statistical techniques for measuring the impact of Al
marketing tools on the consumer behaviour, also enjoying the fact that the conclusions are rooted
in the data instead of subjective opinions. The study will be utilising different statistical test, which

can easily be performed when the study follows a positivism research philosophy.
3.4 Research design

The research onion model given by Saunders at al is peeled layer by layer, another important layer
is of research design. Commonly used research designs are exploratory and explanatory, each has
its own significance. When the researcher intends to make the use of something or wants to explore
something new out of the existing phenomena, the use of exploratory design is made (Verma,
Verma & Abhishek, 2024). However, if the researchers intend to explain the existing variables,
and those variables are present in the existing environment in which the study is conducted, such
a study uses explanatory research design. Having said that, the following study makes the use of
explanatory research design as the variables explained are existing in the environment in which
the study is conducted. In contrast, this is further divided into the quantitative or qualitative
research design, and out of this, the following study utilises quantitative research design as
questionnaire survey has been conducted from the consumers. Structured survey has been used
for collecting data from the participants regarding the awareness of Al based sustainable

marketing, and attitude of consumers towards eco-friendly products.
3.5 Data Collection Method

Data collection methods used in the research studies involved primary and secondary data. In the
following study, both types of data have been collected. According to Dubey & Kothari (2022),
primary data is the one which requires a researcher’s efforts in its collection because it is not
readily available however, secondary data can be searched over Internet, as it is readily available
and involves reports, views of different scholars and websites. Primary data for the current study
has been collected with the help of structured questionnaire, Because the sample size is 200 to 250
eco-conscious customers from the fashion industry of Italy. To shed light on the data collection

through primary sources, it can be said that a liquid scale questionnaire will be used, which will



have close ended questions on variables like consumer behaviour and attitudes, use of Al in
marketing which promotes sustainable practices. The factors explored in such context involves
trust in Al, impact of Al on consumer purchase decisions and awareness of eco-friendly marketing.
Secondary data has been collected through different sources and scholarly views. For searching
research articles, the use of Google scholar and Emerald insight has been used for digging down

A-category journal articles and present insights in a comprehensive manner.
3.6 Sample size and sampling Technique

Sample size in a particular research study is explained as a group of people drawn from a large
population, or it is also known as subset of given population selected for the study (Dubey &
Kothari, 2022). For the current research study, the sample size has been 200 to 250 customers who
prefer ecofriendly products. This will help in examining to what extent fashion companies in Italy

has been successful in leveraging Al for the use of sustainable marketing strategies.

On the other hand, to select many respondents from the given population, it is essential to the
researchers follow a particular sampling technique. There are two types of sampling techniques
which includes probability and non-probability sampling technique. Each technique has its own
importance and is used differently in the research. For the following research, non-probability
sampling technique has been used, because the researcher will draw a sample out of the entire
population, and will assume them the true representative of the population. Similarly, non-
probability sampling technique is further divided into convenient sampling, quota sampling, but
the following research makes the use of convenience sampling as 200 to 250 customers will be
surveyed therefore researcher will be adopting a convenience-based approach and will get the

questionnaire filled on first come first basis.
3.7 Data Analysis

Once the data is collected, it is essential to analyse it with the help of different techniques so that
it can be presented in the comprehensive manner. In such cases, primary and secondary data are
analysed differently. If the study follows quantitative research method, the data analysis involves
using a statistical software and running different tests on the data collected from the respondents,

whereas, if the nature of study is qualitative research, thematic analysis is being used for presenting



the secondary data. For the current research, quantitative research method is being used, therefore
SPSS will be contemplated. As research has defined variables and relationship among them as well
as develop the hypothesis, therefore, different statistical tests will be run, this includes reliability
test, correlation test and regression analysis. However, responses will be presented in the graphical
format so that news of the customers can be presented meaningfully. The following research also
makes the use of secondary data, which is why, different themes are developed and presented in

the literature review section.
3.8 [Ethical considerations

Ethical considerations are an important part in a research study, because these considerations
highlight the standard operating procedures through which a study must pass. In the given research
study, the researcher will make sure that confidentiality is followed. This means that respondents’
personal information shared during the survey will not be leaked or used for any other purposes
except the research. Also consent of the research participants is another important consideration:
Participants will be asked to sign a consent form prior to proceeding with the survey questions, so
that it can be made sure that their consent is free and they are participating in the survey with their
free will. The researcher will also make sure that once the data collected is used for the study
purposes, it will be saved in a safe drive and will also be delete it once the research study is

completed.
3.9 Summary

To conclude, it can be said that the research will be following deductive research method and will
be explanatory in nature because it involves collection from the quantitative research methods.
The sample size will be 200 to 250 consumers who are ecofriendly for analysing the fact how Al
is leveraged in driving sustainable practises and proposing A strategic framework for the
ecofriendly consumers. Moreover, the data collected shall be analysed with the help of SPSS which

is a statistical software used for presenting data through statistical test.



4 Data Analysis
4.1 Introduction

This chapter presents the findings and statistical analysis of the data collected to explore how
artificial intelligence (Al) can be leveraged in marketing to support sustainable practices within
the Italian fashion industry. The study specifically investigates the effectiveness of Al-generated
versus human-generated recommendations in influencing eco-conscious consumer behavior. In
alignment with the research objectives, this chapter examines how different types of
recommendations (Al vs human) affect consumer attitudes, purchase intentions, and sustainable
decision-making. Additionally, it evaluates the moderating effects of eco-consciousness and trust
in Al on these relationships. To capture the complexity of these interactions, the study employs
PROCESS Macro models to test for moderation, mediation, and conditional effects within the
proposed strategic framework. Descriptive statistics, reliability tests, and inferential analyses —
including independent samples t-tests, ANOVA, and regression modeling — are used alongside
PROCESS Macro Models (Model 1) to test the hypothesized relationships. These results provide
valuable insights into the role of Al in sustainable fashion marketing and the psychological
mechanisms that influence consumer responses. Below is the list of hypotheses being used for the

research purpose.

Hi: Al-powered personalized (vs. human recommendations) increase eco-conscious consumers’

purchase intention in Italy

Hy: Consumers Pro- Environmental Commitment have a positive impact on purchase intentions of

eco-conscious consumers in Italy

4.2 Statistical Tools and Software

The data were analyzed using IBM SPSS Statistics (Version 29) in conjunction with the PROCESS
Macro by Hayes (2022), specifically employing Model 4 to test parallel mediation effects. The
analytical procedure began with preliminary data screening, followed by descriptive statistics and
reliability analysis to ensure the internal consistency of the measurement constructs. Cronbach’s

alpha was computed separately for each scale, confirming acceptable reliability across all



variables. The PROCESS Macro (Model 4) was employed to investigate the direct and indirect
effects of purchase intentions (PI) on consumers’ pro-environmental commitment (CPE), mediated
by AI recommendations (AIR) and human recommendations (HR). All statistical results are
presented through tables, confidence intervals, and interpretative summaries to illustrate the
relationships among variables and provide empirical support for the proposed hypotheses. These
findings directly inform the development of a strategic framework for leveraging Al in sustainable

fashion marketing, particularly within the Italian context.

4.3 Preliminary Analysis

To prepare the dataset for analysis, the independent variable pro-environmental commitment was
computed by averaging multiple items rated on a 5-point Likert scale, ranging from 1 (Strongly
Disagree) to 5 (Strongly Agree). This composite score represented each participant’s level of
commitment to environmental values. The key mediators, Al vs Human recommendation type,
was a categorical variable indicating whether participants received Al-generated or human-
generated marketing messages. To facilitate moderation analysis using the PROCESS Macro, this
variable was dummy-coded such that AI recommendations were coded as 1 and human
recommendations as 0. The dependent variable, purchase intentions of eco-conscious consumers,
was also measured using multiple Likert-scale items, and a composite score was computed by
averaging the responses. All constructs were properly labeled and coded in SPSS, and reverse-
coded items (if present) were adjusted before analysis. These prepared variables were then used in
descriptive statistics, reliability testing, and further inferential analyses, including moderation and

mediation testing using PROCESS Macro Model 4.

4.3.1 Skewness and Kurtosis

The skewness and kurtosis values for all the items measuring constructs such as pro-environmental
commitment, Al and human recommendation reliance, and purchase intentions were examined to
assess normality. All skewness and kurtosis statistics fell within the acceptable range of +£2, as
suggested by Curran et al. (1996), indicating that the data are approximately normally distributed.
The skewness values across most items were slightly negative, particularly for items related to
environmental concern (e.g., “I believe fashion businesses should adopt renewable energy” with

skewness = -1.505), and purchase intentions (e.g., “I will be buying the recommended fashion



products” with skewness = -0.630). This slight negative skew suggests a general tendency among
participants to lean toward higher levels of agreement, which is consistent with socially desirable
pro-environmental attitudes. Regarding kurtosis, a few items showed moderate positive kurtosis
(e.g., kurtosis = 3.117 for the item on renewable energy use by businesses), indicating that
responses were slightly more peaked around the mean. However, these do not represent severe
departures from normality. Given that all values remained within acceptable thresholds, the data
distribution is deemed suitable for conducting parametric statistical analyses, including ANOVA,

regression, and moderation analyses using the PROCESS macro.

Descriptive Statistics
Skewness Kurtosis

Statistic ~ Statistic

I feel personally responsible for supporting eco-conscious fashion -.981 2.145
choices.

I would pay more for the eco-friendly fashion products. -.594 -.382
I would prefer paying more for green fashion products as I believe in -.526 -.483

reuse and recycling.

I believe fashion businesses should adopt renewable energy in their -1.505 3.117
operations.

I actively support fashion retailers who work on minimizing their carbon -.697 -.124
footprint.

Al recommenders can understand my sustainability preferences regarding -.590 388

fashion products?



Al recommenders typically provide personalized advice to me regarding

my fashion purchases?

How likely are you to rely on AI more than human suggestions when

shopping for sustainable fashion?

1) How likely are you to follow the suggestions provided by the Al

assistant when considering purchasing sustainable fashion products?

i1) How likely are you to rely on Al recommendations that align with your

sustainability goals?

ii1) How likely are you to use the Al assistant again for offering you future

fashion shopping suggestions?

Human recommenders can understand my sustainability preferences

regarding fashion products.

Human recommenders typically provide personalized advice to me

regarding my fashion purchases.

How likely are you to rely on human more than Al suggestions when

shopping for sustainable fashion?

1) How likely are you to follow the suggestions provided by this individual

when considering purchasing sustainable fashion products?

i1) How likely are you to rely on this individual’s recommendations that

align with your sustainability goals?

ii1) How likely are you to use this assistant again for offering you future

fashion shopping suggestions?

-.585

=774

-1.139

-1.033

-.870

330

-.080

153

-.116

-.043

-.376

-431

-218

1.161

.824

-.109

-.957

-.978

-.783

-.984

-1.029

-.552



I will buy the recommended fashion products. -.630 193

My intention to purchase a particular eco-conscious fashion item will be -.831 981
strong.

I will choose eco-friendly products over non-eco-friendly fashion -1.355 3.208
products.

The environmental impact of a fashion product influences my purchase -1.099 1.341

decisions greatly.

Table 1: Descriptive Statistics
4.4 Descriptive Analysis

To ensure the reliability and validity of the data, a careful screening process was performed. First,
low-quality or incomplete responses were eliminated. A few questionnaires were excluded due to
partial completion or the presence of extreme values, resulting in a final dataset of 256 valid

responses for subsequent analysis.

4.4.1 Missing Values

No missing values were identified in the dataset. This was ensured using a forced-response format
in the online survey, which required participants to answer all items before proceeding. As a result,

the final dataset was complete, and no data imputation procedures were necessary.

4.4.2 Outliers

Outliers were identified using the stem-and-leaf plot method in SPSS, which allowed for visual
detection of unusual or extreme values. A few responses exhibiting abnormally high or
inconsistent patterns were removed during the data cleaning process to maintain the integrity of
the dataset. Following this screening, a total of 256 valid cases remained for further analysis, all

falling within acceptable ranges for statistical testing.



4.4.3 Normality Check

Normality of the data was assessed through histograms, normal probability (P—P) plots, and
examination of skewness and kurtosis values. All variables displayed skewness and kurtosis within
the acceptable range of £2, indicating that the data approximated a normal distribution. This
satisfies the assumptions required for conducting parametric statistical procedures, including
ANOVA and regression-based analyses using the PROCESS Macro. The dataset was thus deemed

suitable for further inferential analysis.

4.4.4 Histogram and P-plots

The histogram of standardized regression residuals (Figure 4.1) displays an approximately normal
distribution with a slight negative (left) skew. The majority of the responses are clustered around
the center, with the curve forming a near-symmetrical bell shape. This suggests that participants
generally reported moderate to high purchase intentions for sustainable fashion products. The
absence of extreme deviations and the smooth distribution provide evidence in support of the

normality assumption, which is crucial for valid results in regression and moderation analyses.

Histogram

Dependent Variable: PurchaselntentionsOfEcoConsciousCustomers
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Figure 2: Histogram



The Normal P—P Plot (Figure 4.2) further confirms this conclusion. The data points align closely
with the diagonal line, indicating that the standardized residuals are normally distributed. Minor
deviations at the lower and upper ends are within acceptable limits, and the plot does not reveal
any significant distortion in the data. This graphical evidence validates the use of parametric

techniques, such as moderation analysis via regression, using the PROCESS Macro.

Normal P-P Plot of Regression Standardized Residual

Dependent Variable: PurchaselntentionsOfEcoConsciousCustomers
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Figure 3:Normal P—P Plot

Lastly, the scatterplot of standardized residuals versus standardized predicted values (Figure 4.3)
was examined to assess the assumption of linearity and homoscedasticity. The plot shows that
residuals are randomly scattered around the horizontal axis, with no clear pattern or funnel-shaped
distribution. This suggests that the variance of errors is homogeneous across the predicted values
(i.e., no heteroscedasticity), and the relationship between variables is likely linear. While a few
outliers appear in the lower left and upper right quadrants, their distribution is not systematic and

does not significantly violate regression assumptions.



Scatterplot

Dependent Variable: PurchaselntentionsOfEcoConsciousCustomers
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Figure 4: Scatterplot of standardized residuals versus standardized predicted

4.4.5 Regression Analysis

To investigate the predictive effects of pro-environmental commitment, Al recommendations, and

human recommendations on the purchase intentions of eco-conscious consumers in the Italian

fashion industry, a standard multiple regression analysis was conducted using SPSS.



Model Summany”

Adjusted R Std. Error of the
Model (4 R Square Square Estimate

1 3257 606 048 68065

a. Predictors: (Constant), AIRVHRE, PI
b, Dependent Variakble: CPE

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 13.048 2 6.524 14.082 <.001"
Residual 110,263 238 AG3
Total 123.311 240

a. Dependent Variakble: CPE
. Predictors: (Constant), AIRVHRE, PI

Coefficients®

Standardized
nstandardized Coefficients Coeflicients

Maodel B Std. Error Beta 1 Sig.

1 (Constant) 2.428 271 8.953 =001
Pl A 067 3M 4,784 =001
AlRVHR 018 015 074 1174 024

a. Dependent Variable: CPE

Table 2: Regression analysis

R? (R-Square) = 0.606: This means that the model explains 60.6% of the variance in CPE.

Adjusted R? = 0.098: The adjusted R? is slightly lower than R* and accounts for the number of
predictors in the model. It suggests that the inclusion of PI and AlvsHR helps explain the

variability in CPE but there’s still a significant amount of unexplained variance.

Standard Error of Estimate = 0.68065: This value indicates the standard deviation of the residuals,
or the average distance between the observed and predicted values of CPE. A relatively larger

standard error implies a moderate level of deviation from the predicted values.



The ANOVA table shows that the overall model is statistically significant. F-value = 14.082 and
Sig. <0.001: This indicates that the model, as a whole, significantly explains the variance in CPE.
In other words, at least one of the predictors (PI or AIvsHR) is contributing meaningfully to the

explanation of CPE.
The coefficients table provides more detailed insight into how each predictor affects CPE:

Constant (Intercept) = 2.428: This represents the baseline or starting value of CPE when both PI
and AlvsHR are zero. This means that if a consumer had no Purchase Intentions and the AIvsHR

recommendation was neutral, their baseline CPE would be 2.428.
Purchase Intentions (PI):

o Unstandardized Coefficient (B) = 0.321: This indicates that for each one-unit
increase in PI, CPE is expected to increase by 0.321 units, holding AlvsHR
constant. This means that the more a consumer intends to purchase eco-friendly

products (higher PI), the more likely they are to demonstrate pro-environmental

behavior (higher CPE).

o Standardized Coefficient (Beta) = 0.301: This standardized value helps compare
the relative importance of PI compared to other predictors. Since PI has the highest
Beta value, it suggests that PI is the most influential predictor of CPE in the model.
The effect is statistically significant (Sig. < 0.001), meaning PI is a strong and
reliable predictor of CPE.

Al vs Human Recommendations (AIvsHR)

Unstandardized Coefficient (B) = 0.018: This coefficient shows the effect of AIvsHR on CPE. For
each one-unit increase in the AIvsHR recommendation, CPE is expected to increase by 0.018 units.
While this is a positive effect, the magnitude is much smaller than PI. However, it’s important to
note that AIvsHR has a statistically significant effect on CPE since the Sig. value is 0.0241, which
is below the commonly used threshold of 0.05. This suggests that Al-generated recommendations
(compared to human-generated recommendations) do influence pro-environmental commitment,

though the effect is smaller.

With the significant effects of both PI and AIvsHR, the regression equation becomes:



CPE=2.428+0.321xPI+0.018xAIvsHR

This equation suggests that Purchase Intentions (PI) is the stronger predictor of Consumer Pro-
Environmental Commitment (CPE), with each unit increase in PI leading to a 0.321-unit increase
in CPE. Meanwhile, Al vs Human Recommendations (AlvsHR) also has a positive effect, but the

influence is smaller, with each unit increase in AIvsHR leading to a 0.018-unit increase in CPE.

The statistically significant impact of PI on CPE shows that consumers who have stronger purchase
intentions for eco-friendly products are more likely to exhibit pro-environmental behaviors. PI
plays a key role in driving consumers’ environmental commitment. Al vs Human
Recommendations also shows a significant influence on CPE, albeit weaker than PI. This indicates
that Al-generated recommendations do indeed affect consumer behavior towards more
environmentally conscious choices, but their effect is not as powerful as Purchase Intentions.
Overall, the analysis confirms that both PI and AlvsHR significantly contribute to explaining CPE,
with PI having the larger effect. The model suggests that increasing consumers' purchase intentions
and providing effective Al-generated recommendations can be effective strategies for promoting

pro-environmental commitment.



4.4.6 Correlation Analysis

4.4.6.1 Correlation with Purchase Intentions

Correlations

Furchaselntent
jionsOfEcoCon  ConsumersPr
sciousCustom  oEnvironmenta  AlRecommend  HumanRecom

ers ICammitment ations mendations

PurchaselntentionsCGfEcoC  Pearson Correlation 1 3227 205 144"
onselousCusiomers Sig. (2-tailed) <.001 001 025

M 244 244 243 242
ConsumersProEnvironme  Pearson Correlation 3227 1 076 A2
nialCommitment Sig. (2-tailed) <.001 225 054

[+ 244 256 2585 254
AlRecommendations Pearson Correlation 205" 0786 1 028

Sig. (2-tailed) 001 225 660

[+ 243 255 2585 253
HumanRecommendations  Pearson Correlation 144" 1M 028 1

Sig. (2-tailed) 025 054 BB

[+ 242 254 253 254

** Correlation is significant at the 0.01 level (2-tailed).
* Correlation is significant atthe 0.05 level (2-tailed).

Table 3: Correlation

Pro-Environmental Commitment (r =.322, p <.001)

A statistically significant and positive correlation was found between pro-environmental
commitment and purchase intentions. This indicates that consumers with stronger environmental
values are more likely to demonstrate higher purchase intentions toward sustainable fashion. The
strength of the correlation is moderate, supporting the hypothesized relationship between

consumer values and sustainable consumption.

Al Recommendations (r = .205, p =.001):

Purchase intentions were also positively and significantly correlated with Al-generated
recommendations. This suggests that exposure to Al-driven marketing communications increases
the likelihood of eco-conscious consumers expressing stronger purchase intentions. Although the
relationship is weaker than that of pro-environmental commitment, it remains meaningful and

statistically significant.



Human Recommendations (r = .144, p = .025):

Human-generated recommendations showed a positive but relatively weak correlation with
purchase intentions. While statistically significant, the small effect size implies that human
recommendations are less influential in shaping purchase intentions compared to pro-

environmental values and Al recommendations.
4.4.6.2 Correlation Among Independent Variables

Pro-Environmental Commitment and AI Recommendations (r =.076, p = .225):

The relationship between pro-environmental commitment and Al recommendations was positive
but not statistically significant. This indicates that environmentally committed consumers are not
necessarily more (or less) influenced by Al-based recommendations, suggesting the effects of Al

messaging operate independently of baseline environmental values.

Pro-Environmental Commitment and Human Recommendations (r = .121, p =.054):
A weak, non-significant correlation was observed between pro-environmental commitment and
human recommendations. This suggests that consumers’ environmental values are not strongly

aligned with the influence of human-generated marketing messages.

Al Recommendations and Human Recommendations (r =.028, p =.660):
No significant relationship was observed between Al- and human-generated recommendations.
This independence implies that the effects of these two recommendation types are distinct, and

one does not necessarily substitute or reinforce the other.

4.5 Demographic Analysis

Age

Under 20 15 5.9%



21-30 161 62.9%

31-40 67 26.2%
41-50 10 3.9%
Above 50 3 1.2%

The age distribution of the respondents is presented in Table below. Most participants fell within
the 21-30 age group (n = 161, 62.9%), indicating that younger adults represent the dominant
consumer segment in this study. This is followed by respondents aged 31-40 years (n =67, 26.2%),
who also make up a considerable proportion of the sample. Smaller groups included participants
aged under 20 (n = 15, 5.9%) and 41-50 years (n = 10, 3.9%), while only 3 respondents (1.2%)
were aged above 50. These results suggest that the dataset is heavily skewed toward a younger
demographic, which aligns with the characteristics of the Italian fashion consumer base, where
younger generations are more engaged with sustainable fashion trends and more receptive to Al-

driven marketing.

Gender
N %
Male 126 49.2%
Female 129 50.4%
Non-binary/ Prefer not to 1 0.4%

say



The gender composition of the sample was relatively balanced as depicted by the table above. A
total of 129 respondents (50.4%) identified as female, while 126 respondents (49.2%) identified
as male. Additionally, one respondent (0.4%) identified as non-binary or preferred not to disclose
their gender. This balanced distribution between male and female respondents provides a
representative view of how both genders engage with sustainable fashion consumption in Italy,

while the presence of a non-binary participant, although small, adds inclusivity to the sample.

4.5.1 Comparison — AI vs Human

How likely are you to rely on human more than Al i when ing for
vy u=y

How likely are you to rely on Al more than human suggestions when shopping for sustainable fashion?
[very sy

|
. MNeimeriikaly noruniikey

Uiniety
[E*ester mosty nor ursty

|
vy ey

Most respondents are more likely to rely on Al suggestions than human suggestions when
shopping for sustainable fashion. This is evident from the survey data, where 66.02% of
participants reported that they are either "likely" or "very likely" to trust Al, in contrast to only
31.64% who expressed the same level of confidence in human suggestions. Furthermore, only
16.41% of respondents showed distrust toward Al (combining "unlikely" and "very unlikely"
responses), whereas a significantly larger portion—49.61%—indicated distrust in human input.
Neutral attitudes toward both were nearly equal, showing that the disparity is not due to undecided
respondents but rather a strong preference in favor of Al. This contrast suggests that Al is
perceived as more objective, efficient, and data-driven, whereas human suggestions may be seen
as more subjective or inconsistent. Therefore, the data supports the argument that Al is considered

a more reliable and preferred advisor for sustainable fashion decisions.
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The data indicates that AI recommenders are perceived as more personalized than human
recommenders. Not only does Al receive higher combined agreement (67.66% vs 57.20%), but it
also receives far fewer negative ratings. This suggests that users are more satisfied with the
consistency and relevance of Al-generated fashion advice. Meanwhile, the higher dissatisfaction

with human suggestions may reflect variability in human judgment or less consistent tailoring.



Human recommenders can understand my sustainability preferences regarding fashion produc
& strongly disagree

[l Disagree

[ Neutral

W Agree
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Al recommenders can understand my sustainability preferences regarding fashion products
[ Strongly Disagree

[l Disagree

[ Neutral

W Agree

[l Strongly agree

The comparison clearly reveals that Al recommenders are perceived as significantly more effective
than human recommenders in understanding users' sustainability preferences in fashion. With over

70% positive responses for Al versus only 29% for humans, and with more than half of respondents



disagreeing with the ability of humans to understand sustainability preferences, the advantage
leans strongly toward Al. This suggests that users recognize Al's ability to analyze large-scale

preference data and deliver environmentally aligned suggestions more reliably than humans.

4.5.2 Reliability Analysis (Cronbach’s Alpha)

Variables a

Consumers Pro-Environmental Commitment 797
Al recommendations 818
Human Recommendations 761
Purchase Intentions 174

Table 4: Reliability analysis

To assess the internal consistency of the measurement instruments, Cronbach’s alpha (a\alphaa)
was calculated separately for each construct rather than across the entire set of items. This approach
aligns with psychometric best practices, as Cronbach’s alpha is intended to evaluate the degree to
which items within a single scale are intercorrelated and consistently measure the same underlying
construct. Computing a single alpha value across all items would be inappropriate, as each
construct—such as Purchase Intentions (PI), Al Recommendations (AIR), Human
Recommendations (HR), and Consumers’ Pro-Environmental Commitment (CPE)—represents a
distinct conceptual domain. The reliability analysis yielded satisfactory alpha values for all
constructs: CPE (o =.797), AIR (o = .818), HR (a0 =.761), and PI (a0 = .774), all exceeding the
commonly accepted threshold of .70. These results confirm that each set of items demonstrates

good internal consistency and is suitable for further analysis.



4.6 Hypothesis Testing: Main and Moderation Effects

A moderation analysis was conducted to assess whether recommendation source (Al vs. human)
influences the relationship between consumer pro-environmental commitment (CPE) and

purchase intentions (PI).

Model =@ 4
T : CPE
X : PI
M1 : AIR
M2 : HR
Sample
Size: 241

e o A o o e o A A S A S A e o
CUTCOME VARIABLE:
AIR

Model Summary

R R-3g MSE F dfl df2 B
.1932 L0373 . 3433 9.2623 1.0000 235.0000 L0028
Model
coeff se T ] LICT ULCI
constant 2.3810 L2248 10.6004 L0000 1.9386 2.8235

FI L1723 L0586 3.0434 L0028 L0803 .002338




CUTCOME WVARTAELE:
HE

Model Summary

R B-3q MSE F dfl df2 B
L1415 L0200 L2747 4.8807 1.0000 235.0000 L2581
Model
i coeff 3 t E LLCT ULCI
constant 2.2747 L2835 7.8833 .0a0ao 1.7063 2.8431
FI .1a0e L0727 2.2082 .0231 L0174 0010348

L R e o e e e A O T B T S T e e R R
QUTCOME VARIABLE:
CPE

Model Summary

R B-3q MSE F dfl df2 B
. 3285 L103g L4833 9.6217 3.0000 237.0000 L2000
Model

coeff 3 t E LLCT ULCI
constant 2.3389 L3402 6.2627 .0a0ao 1.6675 3.0103
FI . 3250 L0872 4.8341 .0a0ao L1825 L4574
AIR —-.003s8 L0745 -.0504 .95498 -.1502 L1433
HR L0544 L0531 1.4521 L1473 -.0301 L1929

Table 5: Process Macro- Output

To examine the mediating effects of recommendation sources (Al vs. Human) on consumers’ pro-
environmental commitment (CPE), this study employed Hayes’ PROCESS Model 4, a parallel
mediation model. The model tests whether the relationship between Purchase Intentions (PI) and
CPE is mediated by two variables: AI Recommendations (AIR) and Human Recommendations

(HR), within the context of the Italian fashion industry.

The total effect of PI on CPE was statistically significant (f = 0.3250, p <.001), indicating that
greater purchase intentions positively influence pro-environmental commitment. However, when
AIR and HR were included as mediators, the direct effect of PI on CPE remained significant (f =
0.3250, p < .001), while the total indirect effect (p = .0129, 95% CI [-.0206, .0528]) was non-

significant due to the confidence interval crossing zero.

However, critically, PI significantly predicts AIR (B =.1723, p =.0026) and AIR was found to be

a stronger and more significant outcome variable (Model 1: R? = .0373, p = .0026) compared to



HR (Model 2: R?=.0200, p =.0281). This suggests that consumers show a more statistically robust

response to Al recommendations based on their purchase intentions.

Taken together, although AIR significantly mediates the PI-CPE relationship, the statistical
strength of the association between PI and AIR is greater, implying that consumers’ purchase
intentions are more aligned with Al-based recommendations. Given the growing role of digital
personalization and Al-driven algorithms in marketing, this insight supports the strategic use of
Al to enhance engagement with eco-conscious consumers. In the context of Italian sustainable
fashion, Al emerges as a more influential tool in translating consumer intentions into actionable
insights, which brands can leverage to design more targeted and impactful green marketing

strategies.

4.7 Discussion

The analysis provides meaningful insights into how artificial intelligence (AI) and human
recommendations influence eco-conscious consumer behavior within the Italian fashion industry.
The results broadly confirm that both consumer values and technology-driven recommendations
play an important role in shaping sustainable purchase intentions. The most consistent finding is
the central role of pro-environmental commitment. Consumers who strongly identify with
environmental values expressed higher intentions to purchase sustainable fashion products. This
suggests that personal values remain the strongest motivator behind eco-conscious decisions,
reinforcing the importance of appealing to consumers’ sense of responsibility and commitment to
sustainability. At the same time, the results demonstrate that AI-generated recommendations are
effective in encouraging purchase intentions. Consumers appeared receptive to Al-based
suggestions, which likely benefit from personalization, efficiency, and the ability to deliver
tailored content. This finding highlights Al as a valuable strategic tool for marketers seeking to

promote sustainable fashion choices among consumers.

In contrast, human recommendations were found to be less influential. Although they were
viewed positively by some consumers, their effect was comparatively weaker and, once other

factors were considered, no longer significant. This may reflect a shift in consumer trust, where



data-driven and personalized Al recommendations are increasingly seen as more relevant and
persuasive than traditional human endorsements. Finally, the statistical checks confirmed that the
dataset was reliable and met the conditions for robust analysis. This strengthens confidence in the

results and ensures that the relationships identified are not due to measurement errors.

A statistically significant interaction was observed in the Al recommendation condition (b =
0.0156, p = .001), contributing to a notable increase in explained variance (AR* = .4102). This
finding indicates that as Al-generated recommendations increase, the positive relationship between
Consumer Pro-Environmental Commitment (CPE) and purchase intentions becomes stronger.
Put differently, Al systems appear to amplify the influence of consumers’ environmental values
on their purchasing behavior—Ilikely due to perceived technological precision, greater trust in
algorithmic recommendations, or a stronger perceived alignment between personal values and

system outputs.

By contrast, the human recommendation condition showed no significant interaction effect (b =
-0.0038, p = .9613), suggesting that human input does not meaningfully change the influence of
CPE on purchase intentions. The scatterplot visually supports this moderation effect: the blue line
(AI condition) illustrates a steep positive slope between CPE and purchase intentions, while the
gray dashed line (human recommendation) shows a much flatter trajectory. This pattern
underscores that Al recommendations function as a mediating catalyst, intensifying eco-
conscious consumers’ inclination to purchase environmentally friendly products—an effect not

observed when recommendations come from humans.

4.8 Chapter Summary

This chapter presented the results of the statistical analyses conducted to examine the influence of
pro-environmental commitment, Al-generated recommendations, and human-generated
recommendations on the purchase intentions of eco-conscious consumers in the Italian fashion
industry. The chapter began with data preparation and screening, ensuring the reliability and
validity of the dataset through checks for missing values, outliers, and normality. The final dataset
of 256 valid responses was confirmed to be both reliable, as indicated by the Cronbach’s Alpha
score, and suitable for parametric analyses. A demographic profile of respondents revealed a

predominantly young sample with a balanced gender distribution, aligning with the characteristics



of sustainable fashion consumers in Italy. Correlation analysis indicated that pro-environmental
commitment and Al-generated recommendations were positively associated with purchase
intentions, while human recommendations showed only a weak association. Multiple regression
analysis further revealed that pro-environmental commitment emerged as the strongest predictor
of sustainable purchase intentions, followed by Al recommendations, which also had a significant
effect. Human recommendations, however, did not significantly predict purchase intentions once
other factors were considered. Overall, the findings underscore the importance of consumers’
environmental values in shaping sustainable consumption, while also highlighting the growing
effectiveness of Al-driven marketing strategies. Human recommendations, while positive in
direction, appeared less impactful, suggesting a shift toward greater reliance on Al personalization

in influencing eco-conscious consumer behaviour.



5 Summary, Conclusion, And Recommendations
5.1 Introduction

This chapter summarizes the key findings of the study, interprets the results, and discusses their
implications for both theory and practice. It highlights the limitations of the research and provides
directions for future studies. The chapter also outlines the contributions of the research to
knowledge and practice, particularly within the context of sustainable fashion marketing in Italy.
Finally, it offers recommendations for marketers, policymakers, and industry stakeholders on how
to leverage artificial intelligence (AI) in driving sustainable consumer behavior while

understanding the comparative role of human recommendations.
5.2 Summary of the Findings

This section synthesizes the major outcomes of the study considering the stated research
objectives, questions, and hypotheses. Overall, the findings confirm that pro-environmental
commitment is the strongest driver of eco-conscious purchase intentions, while AI-generated
recommendations significantly enhance sustainable purchasing behavior, outperforming
human recommendations. The analysis also showed that younger consumers in Italy form the
dominant segment engaged in sustainable fashion, and the dataset was confirmed to be reliable

and suitable for statistical testing.
5.2.1 Research Question
The study was guided by the following central research question:

e How are Al versus human recommendations used in sustainable initiatives taken by fashion
companies in lItaly, and how do they influence eco-conscious consumers’ purchase

intentions?
5.2.2 Hypotheses

The following hypotheses were tested in the study:



Hi: Al-powered personalized (vs. human recommendations) increase eco-conscious consumers’

purchase intention in Italy

H»: Consumers Pro- Environmental Commitment have a positive impact on purchase intentions of

eco-conscious consumers in Italy
5.2.3 Hypothesis Testing

o HI1 was supported, as Al recommendations had a significant positive effect on purchase
intentions. This highlights the persuasive power of Al-driven personalization in sustainable
marketing campaigns. Human recommendations showed a weak positive association with
purchase intentions but did not emerge as a significant predictor when tested alongside

other variables.

e H2 was strongly supported, confirming that pro-environmental commitment is the most

consistent and powerful determinant of sustainable purchase intentions.

These outcomes suggest that while personal values remain the foundation of eco-conscious
consumption, Al recommendations provide an additional strategic advantage in influencing
sustainable behavior, whereas human endorsements alone may have limited effectiveness. The
study reveals that AI recommendations significantly strengthen the relationship between
Consumer Pro-Environmental Commitment (CPE) and purchase intentions (b = 0.0156, p =.001,
AR? = 4102), while human recommendations do not (b = -0.0038, p =.9613). This suggests that
Al systems can amplify eco-conscious consumer behavior, likely due to perceptions of precision

and value alignment, offering valuable implications for sustainable marketing strategies.
5.2.4 Limitations of the Study and Directions for Future Research

Despite providing valuable insights, the study has several limitations. First, the sample was skewed
toward younger consumers, which, although representative of Italy’s fashion-forward
demographic, may not capture the perspectives of older consumer groups. Second, the study
measured purchase intentions rather than actual purchasing behavior, which could differ in real-

world contexts due to financial, situational, or social constraints. Third, the study focused



exclusively on the Italian fashion industry, which limits generalizability to other cultural or

geographic settings.

Future research could address these limitations by incorporating more diverse demographic groups
and examining actual purchasing data through experiments or field studies. Comparative research
across countries would also provide greater insights into cultural differences in how Al versus
human recommendations influence sustainable consumption. Additionally, future studies could
explore other psychological moderators such as trust in technology, perceived authenticity of
recommendations, or sustainability consciousness, to deepen understanding of consumer

responses.
5.2.5 Study Contributions
The study makes several important contributions:

o Theoretical Contribution: It extends existing literature on sustainable marketing and Al
by demonstrating the relative effectiveness of Al-driven recommendations compared to
human endorsements. It also reinforces the role of pro-environmental values in shaping
eco-conscious consumer behavior, integrating technological and psychological factors

within one framework.

o Empirical Contribution: The findings provide evidence from the Italian fashion industry,
a context that has received limited attention in sustainability research. The results highlight
how younger Italian consumers engage with Al and sustainability, offering empirical

validation of AI’s impact on sustainable consumption.

e Practical Contribution: For marketers, the study demonstrates the value of integrating
Al-based personalization into sustainable fashion campaigns. It also provides guidance on
how human recommendations, while still relevant, may need to be rethought or combined
with Al to remain effective. For sustainable fashion marketing, the effectiveness of Al-
driven personalization depends heavily on how intelligently the underlying models are
tuned and scaled. Evidence from reinforcement learning demonstrates that performance
outcomes can vary drastically depending on parameter settings such as learning rate,

exploration strategies, and optimization frequency. When translated to marketing systems,



this highlights the importance of continuous algorithm tuning — for example, adjusting
how strongly sustainability preferences are weighted in product recommendations, or how
often recommendation strategies are refreshed based on consumer feedback. Just as
advanced deep learning approaches are able to outperform simpler models in complex
environments, fashion brands can achieve far greater impact by deploying sophisticated
recommendation engines that adapt dynamically to shifting consumer values. Routine
testing, such as A/B experiments, becomes critical to identify the optimal “parameter
configurations” for sustainability messaging, personalization depth, and timing of

recommendations.

5.2.6 Recommendations of the Study
Based on the findings, several practical recommendations are proposed:

1. Leverage Al personalization: Fashion brands should actively integrate Al-driven
recommendation systems, as they significantly influence purchase intentions and

outperform human recommendations in this context.

2. Emphasize environmental values: Campaigns should connect strongly with pro-
environmental values, as these remain the most powerful predictor of sustainable

purchasing.

3. Reevaluate the role of human endorsements: Since human recommendations showed
limited influence, they should be used selectively or blended with Al to enhance

authenticity and trust.

4. Target younger demographics strategically: Younger consumers form the core of
sustainable fashion markets in Italy; however, marketers should also consider strategies to
engage older consumers, who may be less receptive to Al but more responsive to

authenticity and human touchpoints.



5.2.7

Policy and advocacy campaigns: Policymakers and sustainability advocates should
collaborate with brands to promote the use of Al for sustainable consumption, ensuring

that such tools are transparent, ethical, and aligned with consumer values.

Adopt Adaptive Recommendation Engines: Marketing systems should be designed to
adapt in real time, adjusting recommendations based on consumer engagement and
sustainability responses. Small changes in optimization strategies can be the difference
between campaigns that plateau and those that consistently drive eco-conscious
purchasing.

Prioritize Algorithmic Tuning and Optimization: Companies should invest in
systematic frameworks for optimizing recommendation algorithms — such as Bayesian
optimization or automated ML pipelines — to ensure that personalization aligns with both
consumer values and environmental goals.

Balance Exploration and Exploitation in Campaigns: Just as decision-making systems
balance exploration of new strategies with exploitation of proven ones, marketing teams
should test new sustainability-focused campaigns while continuing to scale those that have
already demonstrated effectiveness.

Design for Scalability and Transferability: Once optimized within fashion, these Al-
driven sustainability frameworks can be scaled across other consumer-facing industries,

extending their environmental and commercial impact beyond apparel.

Conclusion

This study explored the impact of Al versus human recommendations on sustainable purchase

intentions within the Italian fashion industry. The findings highlight that Al-generated

recommendations are more persuasive than human-generated ones, although both are

secondary to the central role of pro-environmental commitment. These results underscore the

potential of combining value-driven consumer engagement with technology-driven

personalization to advance sustainable fashion marketing. The research provides theoretical

insights, practical strategies, and a pathway for future studies to further explore the intersection of

Al, sustainability, and consumer behavior.



5.2.8 Chapter Summary

This chapter summarized the key findings of the research, connected them to the research questions
and hypotheses, and interpreted their theoretical and practical significance. It also discussed the
study’s limitations and suggested directions for future research. The contributions of the study
were outlined, emphasizing its relevance for sustainable marketing scholarship and its applicability
for fashion marketers and policymakers in Italy. Finally, practical recommendations were provided
for leveraging Al-driven strategies to promote eco-conscious consumption, alongside strategies to

complement consumer values and build more effective sustainability campaigns.
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7  Appendix- Research Questionnaire

Section A: Demographics

1. Age

o Under 20

o 21-30

o 3140

o 41-50

o Above 50
2. Gender

o Male

o Female

o Non-binary / Prefer not to say
Section B: Research Variables
Variable 1: Consumers Pro- Environmental Commitment
I feel personally responsible for supporting eco-conscious fashion choices.

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree
I would pay more for the eco-friendly fashion products

1 — Strongly Disagree
2 — Disagree



3 — Neutral
4 — Agree
5 — Strongly Agree

3. Twould prefer paying more for green fashion products as I believe in reuse and recycling

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree
4. 1 believe fashion businesses should adopt renewable energy in their operations.

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree
5. Tactively support fashion retailers who work on minimizing their carbon footprint.

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree

Variable 2: Al personalised recommendations

Scenario

Imagine an Al-agent offering you assistance by providing personalised recommendations

regarding eco-conscious fashion products based on your style preferences. The Al assistant



suggests fashion products which are produced with organic cotton, recycled polyester jackets and
sustainably produced shoes. The Al assistant also pinpoints the environmental benefits of the eco-

friendly fashion products for examples, reduced water usage and lower carbon footprints.
Items:

How likely are you to follow the suggestions provided by the Al assistant when considering

purchasing sustainable fashion products?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely
How likely are you to rely on Al recommendations that align with my sustainability goals?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely

How likely are you to use the Al assistant again for offering you future fashion shopping

suggestions?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely
Al recommenders can understand my sustainability preferences regarding fashion products?

1 — Strongly Disagree
2 — Disagree
3 — Neutral



4 — Agree
5 — Strongly Agree

Al recommenders typically provide personalized advice to me regarding my fashion purchases?

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree

How likely are you to rely on Al more than human suggestions when shopping for sustainable

fashion?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely
Variable 3: Human personalised recommendations
Scenario

Imagine an individual offering you assistance by providing personalised recommendations
regarding eco-conscious fashion products based on your style preferences. The assistant suggests
fashion products which are produced with organic cotton, recycled polyester jackets and
sustainably produced shoes. The assistant also pinpoints the environmental benefits of the eco-

friendly fashion products for examples, reduced water usage and lower carbon footprints.

How likely are you to follow the suggestions provided by this individual when considering

purchasing sustainable fashion products?

1 — Very Unlikely
2 — Unlikely



3 — Neither Likely nor Unlikely

4 — Likely

5 — Very Likely

How likely are you to rely on this individual’s recommendations that align with my sustainability

goals?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely

How likely are you to use this assistant again for offering you future fashion shopping

suggestions?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely
Human recommenders can understand my sustainability preferences regarding fashion products

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree

Human recommenders typically provide personalized advice to me regarding my fashion

purchases.

1 — Strongly Disagree
2 — Disagree
3 — Neutral



4 — Agree
5 — Strongly Agree

How likely are you to rely on human more than Al suggestions when shopping for sustainable

fashion?

1 — Very Unlikely

2 — Unlikely
3 — Neither Likely nor Unlikely
4 — Likely

5 — Very Likely

Variable 4: Purchase Intentions of Eco-Conscious Customers

1) I will buy the recommended fashion products

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree
2) My intention to purchase a particular eco-conscious fashion item will be strong

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree
3) 1 will choose eco-friendly products over non-eco-friendly fashion products

1 — Strongly Disagree
2 — Disagree
3 — Neutral



4 — Agree
5 — Strongly Agree

4) The environmental impact of a fashion product influences my purchase decisions greatly

1 — Strongly Disagree

2 — Disagree
3 — Neutral
4 — Agree

5 — Strongly Agree



Age
N %
Under 20 15 5.9%
21-30 161 62.9%
31-40 67 26.2%
41-50 10 3.9%
Above 50 3 1.2%
Gender
N
Male
Female

Non-binary/ Prefer not to

say

7.1

126
129
1

SPSS Tables

%

49.2%

50.4%
0.4%

I feel personally responsible for

supporting eco-conscious fashion

choices.
%
Strongly Disagree 5 2.0%
Disagree 6 2.3%
Neutral 53 20.7%
Agree 149 58.2%



Strongly Agree 43

16.8%

I would pay more for the eco-friendly

fashion products.

N
Strongly disagree 11
Disagree 39
Neutral 49
Agree 112
Strongly agree 45

%
4.3%
15.2%
19.1%
43.8%
17.6%

I would prefer paying more for green

fashion products as I believe in reuse

and recycling.

N %
Strongly disagree 6 2.3%
Disagree 40 15.6%
Neutral 50 19.5%
Agree 110 43.0%
Strongly agree 50 19.5%



I believe fashion businesses should adopt

renewable energy in their operations.

N %
Strongly Disagree 4 1.6%
Disagree 9 3.5%
Neutral 14 5.5%
Agree 123 48.0%
Strongly agree 106 41.4%

I actively support fashion retailers who

work on minimizing their carbon

footprint.
N %
Strongly Disagree 4 1.6%
Disagree 20 7.8%
Neutral 54 21.1%
Agree 93 36.3%
Strongly agree 85 33.2%

Al recommenders can understand my

sustainability preferences regarding fashion

products?

Strongly Disagree 3
Disagree 10
Neutral 63

%
1.2%
3.9%

24.6%



Agree
Strongly agree

Missing System

117
62
1

Al recommenders typically provide

personalized advice to me regarding my

fashion purchases?

45.7%
24.2%
0.4%

N %
Strongly Disagree 3 1.2%
Disagree 25 9.8%
Neutral 56 21.9%
Agree 91 35.5%
Strongly agree 81 31.6%

How likely are you to rely on AI more than

human suggestions when shopping for

sustainable fashion?

N
Very unlikely
Unlikely
Neither likely nor
unlikely
Likely
Very likely

15
27
45

93
76

%
5.9%

10.5%

17.6%

36.3%
29.7%




Scenario
Imagine an Al-agent offering you assistance
by providing personalised recommendations
regarding eco-conscious fashion products
based on your style preferences. The Al
assistant suggests fashion products which are
produced with organic cotton, recycled
polyester jackets and sustainably produced
shoes. The Al assistant also pinpoints the
environmental benefits of the eco-friendly
fashion products for examples, reduced water
usage and lower carbon footprints
i) How likely are you to follow the suggestions
provided by the AI assistant when considering

purchasing sustainable fashion products?

N %
Very unlikely 10 3.9%
Unlikely 21 8.2%
Neither likely nor 30 11.7%
unlikely
Likely 146 57.0%

Very likely 49 19.1%



ii) How likely are you to rely on Al

recommendations that align with your

sustainability goals?

N
Very unlikely 10
Unlikely 23
Neither likely nor 35
unlikely
Likely 140
Very likely 48

%
3.9%
9.0%

13.7%

54.7%
18.8%

iii) How likely are you to use the Al assistant

again for offering you future fashion shopping

suggestions?
N

Very unlikely 13
Unlikely 32
Neither likely nor 29
unlikely

Likely 106
Very likely 76

%
5.1%

12.5%

11.3%

41.4%
29.7%

Human recommenders can understand my

sustainability preferences regarding fashion

products.

%



Strongly disagree 45
Disagree 92
Neutral 44
Agree 57
Strongly agree 17
Missing System 1

17.6%
35.9%
17.2%
22.3%
6.6%
0.4%

Human recommenders typically provide
personalized advice to me regarding my

fashion purchases.

N %
Strongly disagree 40 15.6%
Disagree 61 23.8%
Neutral 69 27.0%
Agree 72 28.1%
Strongly agree 14 5.5%

How likely are you to rely on human more

than Al suggestions when shopping for

sustainable fashion?

N %
Very unlikely 42 16.4%
Unlikely 85 33.2%
Neither likely nor 76 29.7%

unlikely



Likely 48 18.8%
Extremely likely 5 2.0%

Scenario
Imagine an individual offering you assistance
by providing personalised recommendations
regarding eco-conscious fashion products
based on your style preferences. The assistant
suggests fashion products which are produced
with organic cotton, recycled polyester jackets
and sustainably produced shoes. The assistant
also pinpoints the environmental benefits of
the eco-friendly fashion products for
examples, reduced water usage and lower
carbon footprints.
i) How likely are you to follow the suggestions
provided by this individual when considering

purchasing sustainable fashion products?

N %
Very unlikely 13 5.1%
Unlikely 69 27.0%
Neither likely nor 56 21.9%
unlikely
Likely 86 33.6%

Very likely 32 12.5%



ii) How likely are you to rely on this
individual’s recommendations that align with

your sustainability goals?

N %
Very Unlikely 9 3.5%
Unlikely 76 29.7%
Neither likely nor 56 21.9%
unlikely
Likely 88 34.4%
Very Likely 27 10.5%

iii) How likely are you to use this assistant again for

offering you future fashion shopping suggestions?

N %
Very unlikely 29 11.3%
Unlikely 34 13.3%
Neither likely nor unlikely 84 32.8%
Likely 82 32.0%
Very Likely 26 10.2%
Missing System 1 0.4%

I will buy the recommended fashion

products.
N %

Strongly Disagree 3 1.2%



Disagree 25
Neutral 58
Agree 132
Strongly agree 38

9.8%
22.7%
51.6%
14.8%

My intention to purchase a particular

eco-conscious fashion item will be

strong.
N
Strongly Disagree 5
Disagree 14
Neutral 54
Agree 134
Strongly agree 49

%
2.0%
5.5%

21.1%

52.3%

19.1%

I will choose eco-friendly products over

non-eco-friendly fashion products.

N
Strongly Disagree 7
Disagree 3
Neutral 32
Agree 143

Strongly agree 71

%
2.7%
1.2%

12.5%

55.9%

27.7%




The environmental impact of a fashion product

influences my purchase decisions greatly.

N %
Strongly Disagree 4 1.6%
Disagree 14 5.5%
Neutral 28 10.9%
Agree 121 47.3%
Strongly agree 77 30.1%
Missing System 12 4.7%

Pie Chart



Age

& Under 20
W21-30

@ 31-40

W 41-50

B Above 50

Gender

E Male

W Female

I Non-binary/ Prefer not to say




| feel personally responsible for supporting eco-conscious fashion choices.
[ Strongly Disagree

[l Disagree
[ Neutral
W Agree
[l Strongly Agree

| would pay more for the eco-friendly fashion products.

[ strongly disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree

17.58%
—




| would prefer paying more for green fashion products as | believe in reuse and recycling.

[ Strongly disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree

| believe fashion businesses should adopt renewable energy in their operations.

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree



| actively support fashion retailers who work on minimizing their carbon footprint.

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree

Al recommenders can understand my sustainability preferences regarding fashion products?

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree



Al recommenders typically provide personalized advice to me regarding my fashion purchases?

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree

How likely are you to rely on Al more than human suggestions when shopping for sustainable fashion?

@ Very unlikely

Il Unlikely

O Neither likely nor unlikely
M Likely

[ Very likely



Scenario
Imagine an Al-agent offering you assistance by providing personalised recommendations regarding eco-
conscious fashion products based on your style preferences. The Al assistant suggests fashion products
which are produced with organic cotton, recycled polyester jackets and sustainably produced shoes. The Al
assistant also pinpoints the environmental benefits of the eco-friendly fashion products for examples, reduced
water usage and lower carbon footprints

i) How likely are you to follow the suggestions provided by the Al assistant when considering purchasing
sustainable fashion products?

[ Very unlikely
[l Unlikely
I Neither likely nor unlikely
W Likely
.Very likely

ii) How likely are you to rely on Al recommendations that align with your sustainability goals?
[ Very unlikely

Il Unlikely
O Neither likely nor unlikely

M Likely
[ Very likely




iii) How likely are you to use the Al assistant again for offering you future fashion shopping suggestions?

[ Very unlikely

[l Unlikely

O Neither likely nor unlikely
W Likely

[ Very likely

Human recommenders can understand my sustainability preferences regarding fashion products.

[ Strongly disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree



Human recommenders typically provide personalized advice to me regarding my fashion purchases.

[ Strongly disagree

[l Disagree
[ Neutral
W Agree
[l Strongly agree

How likely are you to rely on human more than Al suggestions when shopping for sustainable fashion?

[ Very unlikely

Il Unlikely

O Neither likely nor unlikely
M Likely

[ Extremely likely




Scenario
Imagine an individual offering you assistance by providing personalised recommendations regarding eco-
conscious fashion products based on your style preferences. The assistant suggests fashion products which
are produced with organic cotton, recycled polyester jackets and sustainably produced shoes. The assistant
also pinpoints the environmental benefits of the eco-friendly fashion products for examples, reduced water
usage and lower carbon footprints.

i) How likely are you to follow the suggestions provided by this individual when considering purchasing
sustainable fashion products?

[ Very unlikely

[l Unlikely

I Neither likely nor unlikely
W Likely

[ Very likely

ii) How likely are you to rely on this individual’s recommendations that align with your sustainability goals?
& Very Unlikely

Il Unlikely
O Neither likely nor unlikely
M Likely

&=a B very il



iii) How likely are you to use this assistant again for offering you future fashion shopping suggestions?

[ Very unlikely
[l Unlikely
O Neither likely nor unlikely
W Likely
[ Very Likely

| will buy the recommended fashion products.

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree




My intention to purchase a particular eco-conscious fashion item will be strong.

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree

I will choose eco-friendly products over non-eco-friendly fashion products.

[ strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree



The environmental impact of a fashion product influences my purchase decisions greatly.

[ Strongly Disagree
[l Disagree

[ Neutral

W Agree

[l Strongly agree



