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Yes, things are more efficient. But in many cases, the fear is that guests would no0ce a 

lack of warmth and that the iInterac0ons could feel a bit flat, like something essen0al has 

been leP out. Several studies have picked up on this: while AI oPen improves the flow of 

opera0ons, it can also leave guests with an experience that feels kind of cold (Kim.H., et 

Al., 2024.) There’s a difference between a fast check-in and a meaningful welcome. And 

more and more, that difference maVers.  

That’s why emo0onal intelligence is coming back into focus. In luxury hospitality 

especially, it’s not enough to provide services that are technically perfect. Guests want to 

feel understood. They want staff who no0ce their mood, who respond to tone and body 

language, and who can adjust their approach without being told. That kind of emo0onal 

responsiveness (the ability to read people and genuinely connect) has become one of the 

few things that technology s0ll struggles to replicate. And it’s one of the things that makes 

high-end hospitality feel human.  

It’s not just about service delivery; it’s about presence, empathy, and the subtle, oPen 

invisible work of emo0onal aVunement (Sahin F., Derya I.; 2019;). In an environment 

where emo0onal nuance increasingly defines value, the human factor is not a nice-to-

have, it’s essen0al.  

This thesis takes up a key ques0on: How can the hospitality industry evolve technologically 

without sacrificing the emo0onal intelligence that underpins real human connec0on? 

Rather than posi0oning AI as a threat to empathy, this research explores how the two, 

when carefully balanced, can actually complement one another.  

By weaving together insights from emo0onal labor theory, service design, and innova0on 

studies, this work aims to pinpoint prac0cal pathways for integra0ng smart technologies 

with emo0onally intelligent prac0ce. The goal isn’t to replace human warmth with digital 

efficiency, but to rethink how the two can coexist and increment one another.   
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CHAPTER 1 Literature Review and Context  
  

1.1: Ar2ficial Intelligence in Hospitality  
   

Ar0ficial intelligence (AI) has become increasingly pivotal in the hospitality sector, 

transforming tradi0onal opera0onal prac0ces through innova0ons such as automated 

check-ins, chatbots, and robo0c concierge services (Kuo, Chen, and Tseng 2024).  

   

AI stands at the forefront of investment priori0es for hoteliers, reflec0ng its 

transforma0ve poten0al across all opera0onal and strategic dimensions, a research from 

Canary Technologies (Fox L., 2025), involving 327 hotel professionals, reveal us that 73% 

of hoteliers believe AI will have a significant or transforma0ve impact on hospitality, it's 

just a ques0on of when and how. The report also revealed how much of their IT budgets 

https://canarytechnologies.com/
https://canarytechnologies.com/
https://canarytechnologies.com/
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the responding hoteliers plan to devote to ar0ficial intelligence: of total respondents, 

36% said they plan to invest between 10% and 25% on AI while 16% said they would 

invest 25% to 50% of their budget.  

   

Concretely the value of investment in Ai had a steady upward trend from 2020, with 

op0mis0cally forecasts s0ll in 2030 (Grand View Research, 12-2024)  

  
   

Since 2021 the value of the global Ai market has almost doubled, with an es0mated value 

of nearly 3.4 billion dollars in 2024, and is expected to grow at a compound annual rate of 

26.7% from 2025 to 2030.  

   

Returning to the AI itself, Recent scholarly broadly defines it as the capability of machines 

or systems to perform tasks that typically require human cogni0ve func0ons, such as 

learning, problem-solving, and decision making, providing services previously delivered 

exclusively through human interac0on (Russel et al., 2021; Kaplan et al., 2019)  

  

In fact we can conceptualize AI as an ar0ficial social intelligence as it allows machines to 

apply intelligence techniques to social phenomena (Cain et al., 2019). Since the Hospitality 

sector is a people-dependent, labor-intensive industry and is highly compe00ve, AI must 

https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib14


 

 7 

be seen not only as a resource but as an integral part of the future of hospitality (Acharya 

and DaVa, 2023a).  

   

To clarify further, we can define AI as a ‘family of technologies’, since these vary from ‘Low 

AI’ like chatbots on the website to ‘Fully Func0onal Human-like Robots’ that can even 

detect emo0ons from the data sets available (Chi et al., 2020).   

   

Specifically, many opera0onal tasks can be now powered by AI, as chat-based large 

language models to receive sugges0ons for accommoda0ons, dining op0ons or 

personalized travel plans, thanks to a mix of Data storage, analysis and personaliza0on, 

such as in the MarrioV case we will present later in this thesis.  

  

1.1.2: Applica2on on the field   

  

Predic0ve analysis run by AI in Hotellerie is based on sta0s0cal models and machine 

learning that analyze data collected from different sources:   

- Booking history (room type, length of stay, 0me of year)   

- Behaviour during the stay (services used, dining preferences, ac0vi0es performed)   

- Feedback and reviews leP by guests   

- Demographic data and travel profiles   

  

This data is processed to iden0fy recurring paVerns and correla0ons, allowing the system 

to make accurate predic0ons about future guest preferences. To understand the value of 

this tool, Accenture (2024) reports to us also underline that hotels that adopted predic0ve 

systems greatly improved customer reten0on whilst opera0ng efficiently through 68%.  

  

AI can also assess the aktude of web feedback thus permikng hotels to dynamically 

modify services to increase patron contentment. This signifies that, further than aVributes 

https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib2
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib20
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tackling singular demands, aVributes are able to advance their services when they are 

reac0ng to nascent paVerns and giving perpetual input, improving visitor sa0sfac0on on 

a grander level (Francesco Di Cuonzo, 2024).  

  

AI is transforming the front-end of hospitality — namely guest interac0on — and also the 

back-end processes, these in par0cular by enhancing hotel opera0onal management 

through predic0ve tools, automa0on, and advanced data analy0cs (Francesco di Cuonzo, 

2025). Dr. Di Cuonzo, chief execu0ve of LVG hotel consul0ng, in his ar0cle for Agenda 

Online, shares the different usage of AI in enhancing both the back-end processes and the 

front-end hospitality.   

  

- To detect real-0me micro-cri0cal issues and suggest measurable, targeted ac0ons, 

an Ai planorm analyzes large volumes of data using different systems like the 

Performance Framework for hotel opera0ons management. AI allows one to 

observe staff performance plus propose immediate improvements, and this 

sustains quality standards also improves customer experience by way of effec0ve 

focused ac0ons.  

- Since AI is used in facial and biometric recogni0on, check-in and check-out could 

be fully automated without any stopping at the front desk, which speeds up the 

process and it improves security and overall convenience.  

- As some hotels integrate this technology, smart voice assistants allow guests to 

control new aspects of their stay by simply speaking in their room.  

- AI provides even more advanced solu0ons that personalize the guest experience 

within certain hospitality sekngs. AI goes beyond just the now-familiar chatbots. 

For example, ar0ficial intelligence systems can analyze guest behavior in real 0me, 

automa0cally adjus0ng the room environment according to individual preferences 

such as temperature and ligh0ng.  

- Some hotels are in fact experimen0ng with even more advanced virtual assistants 

which respond to all guest requests plus proac0vely suggest various services based 
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upon the guest’s own profile. These online helpers predict wants before the wants 

become plainly stated.  

- Several proper0es are integra0ng this technology with smart voice control 

systems, so guests can manage aspects of their stay via a virtual assistant.  

   

AI enhances opera0onal efficiency, streamline employees tasks and automates product 

delivery processes to customers. But if there are few or liVle concerns regarding AI tacking 

the back-end processes, new concerns arise when it is used to assume the role of front 

end  

  

While some employees perceive AI as a boon that eliminates redundant and repe00ve 

tasks, crea0ng space for more cogni0ve tasks, others have nega0ve feelings towards AI, 

which will be reflected in job burnout (from the pressure of the compe00on), turnover 

inten0on, and job insecurity. However, current industry trends show that the road ahead 

is only uphill from here, as AI and big data analysis are taking over the industry (Choudhary 

and DaVa, 2023, Choudhary and DaVa, 2024b).  

 The solu0on for the authors is beside the hotel’s walls: managers should adopt an 

inclusive and proac0ve strategy in AI implementa0on. It’s necessary to be transparent as 

well as communicate openly with employees in order to address any resistance then adapt 

to new technology. Training's importance becomes apparent through its enabling of 

employees to adeptly u0lize AI via requisite skills. This procedure may guide opera0ve 

efficiency with personnel contentment plus compe00ve merits. This also can tangle with 

adverse occurrences, for example burnout, turnover and job insecurity.  

   

But not only in the employees:  despite these substan0al opera0onal advantages and 

employee specializa0on, the integra0on of AI could also present challenges into 

customers' percep0on, where AI integra0on could be perceived nega0vely by guests 

seeking genuine emo0onal connec0ons (Kim.H., et Al.; 2024).  

  

https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib22
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
https://www.sciencedirect.com/science/article/pii/S0278431924002986#bib23
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Moreover, discussions surrounding customers’ aktudes and percep0ons toward service 

failures caused by AI and AI-powered devices, as well as subsequent service recovery, have 

gained considerable trac0on in recent years. Researchers have been exploring how 

customers respond differently to service failures in AI interac0ons than those involving 

humans. Studies indicate that, overall, customers tend to exhibit a higher tolerance for 

service failures caused by humans than those caused by AI or AI-powered devices (Kim 

and So, 2023)  

  

  

Key Points:  

- AI significantly enhances opera0onal efficiency.  

- Risks include impersonal interac0ons.  

- Future trends favor highly personalized technology use.  
  

1.2: Emo2onal Intelligence as a core element in Hospitality     
   

Emo0onal intelligence (EI) concept became popular aPer Daniel Goleman, American 

psychologist, writer and professor at Harvard university, introduced to the academic world 

by his Book ‘Emo0onal intelligence’, in which he describes EI as the ability to recognize, 

understand and manage one’s own emo0ons as well as those of others.  Goleman 

iden0fied five keys of EI: Self-awareness, self-regula0on, mo0va0on, empathy and social 

skills. These competencies are especially relevant in such high-interac0on environments 

as hospitality, where the ability to understand and regulate emo0ons can significantly 

influence the quality of service delivered (AntonieVa Veronesi 2014).  

   

Recent studies emphasize the role of EI in crea0ng authen0c and memorable guest 

experiences, increasingly perceived as essen0al elements of luxury hospitality (Gupta and 

https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
https://www.emerald.com/insight/content/doi/10.1108/ijchm-03-2024-0322/full/html#ref026
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Sharma 2023) (Giannok.F 2021).  The connec0on between emo0onal intelligence and 

higher perceived service quality has been substan0ated, sugges0ng that emo0onally 

intelligent interac0ons significantly enhance customer sa0sfac0on and loyalty (Nguyen, 

Tran, and Pham 2024).   

   

Forbes in 2021 talked about EI as crucial to reach success and also indicated that 

occupa0ons that require these soP skills will account for two-thirds of jobs by 2030. They 

indicated also that hiring those with EQ may poten0ally increase their revenue by more 

than $90,000.  

   

Since guests today require so much more than just a meal or a room to stay in, it is 

impera0ve that their experience is enhanced to provide posi0ve emo0ons, which has 

been shown to significantly influence reten0on rates, consump0on paVerns, and the 

overall guest experience (Giannok.f, 2021).  

   
Since EI is so important to the hospitality and service industry, the high skills gap con0nues 

to be an issue as soP skills are in-demand. According to “Future of Jobs Report 2020” 

(from the World Economic Forum), as we approach 2025 the top skills someone can 

acquire include soP skills such as stress tolerance, flexibility, resilience and cri0cal 

thinking. It is es0mated that almost 40% of employees will require reskilling for at least 

six months to aVain them.  

   

Moreover, the essence of contemporary luxury lies in meaningful, experien0al 

interac0ons fostered by genuine emo0onal engagement, eleva0ng EI as a cri0cal 

differen0ator in compe00ve hospitality markets (Jain v. et al.,2023). However, developing 

and maintaining high EI among hospitality staff remains challenging, necessita0ng 

targeted training and con0nuous management support to overcome prac0cal limita0ons 

related to emo0onal labor (Fernandez and Lee 2024).  

   

https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
https://www3.weforum.org/docs/WEF_Future_of_Jobs_2020.pdf
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1.2.1: what is EI then?  

   

AntonieVa Albanese, together with Carlo Cris0ni, following Goleman’s model, have 

appropriately assessed the benefits that hospitality can gain from the applica0on of 

emo0onal intelligence.  

  

First of all, self-awareness is outlined as the founda0on of the construc0on of a stable 

emo0onal system.  

  

Self-awareness is the presence to oneself of one’s own emo0onal state and of the related 

implica0ons of thoughts and consequently of ac0ons. Specifically, it concerns the 

awareness that one’s own emo0ons trigger corresponding reac0ons in others. Being self-

aware is complex, especially in rela0on to nega0ve, disturbing or overwhelming 

emo0ons—anger, frustra0on, envy—since, in a defensive manner, they can be ‘rejected’ 

and not recognized as one’s own. However, this way of managing nega0ve effects is not 

effec0ve, since there is not full awareness of the subjec0ve reasons underlying the 

discomfort.  

  

It is clearly as complex as it is evident that the basis of self-awareness lies in being able to 

recognize the origin of an emo0on, succeeding in clarifying one’s own means and 

increasing self-confidence.  

  

This ability therefore cons0tutes the basis for empathy, which is the recogni0on and 

understanding of the emo0onal states (including desires, expecta0ons, and beliefs), 

needs, and fears of others. Self-awareness and empathy are knowing how to listen, 

understanding and an0cipa0ng needs or expecta0ons. Some0mes it can make a 

difference even to help someone get in touch with their own less explicit and declared 

needs and expecta0ons, as for example in the case of undecided clients.  
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Before interfacing with clients, employees first build an internal rela0onship, which greatly 

influences their ability to interact with tasks.  

  

It is in the role of the ‘director’ to possess EI and help to build, thanks to the help of self-

mo0va0on, a shared synergis0c vision of the staff, through the promo0on of mutual 

feedback, or the construc0on of a workgroup based on individual strengths.  

  

Being mo0vated is reflected in the ability to choose and pursue goals, ac0ng driven by 

hope and success more than by fear of failure, developing gra0fica0on and accep0ng 

changes in order to reach goals (Rahim and Psenicka, 2022).  

  

1.2.2: Applica2on of EI in the rela2onship with the client  

  

It is clear that the guest needs to experience good emo0ons also in the interac0on with 

the hotel staff, who must make them feel unique and special.  

  

It is essen0al to effec0vely manage both one’s own emo0ons and those of the client. Poor 

management can compromise the rela0onship with the client, with a consequent 

decrease in the level of sa0sfac0on and the crea0on of nega0ve publicity.  

  

First of all, self-awareness is reflected, in the rela0onship with clients, in knowing how to 

remain calm in conflict situa0ons (Rahim and Psenicka, 2022), for example in front of an 

angry or par0cularly demanding client.  

  

In economic terms, in fact, an inadequate management of this type of situa0on can lead 

to a future loss of the client with nega0ve consequences on business and on the image of 

the hotel.  
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As reiterated, empathy is the core of the rela0onship between employee and client. The 

measure of a good empathic ability is knowing how to perceive even from non-verbal 

behavior the client’s emo0ons, no0cing possible dissonances between communica0ve 

levels, which could be signs of disappointment or of differences compared to their 

expecta0ons, or unexpressed complaints out of fear or anxiety. On the other hand, it is 

important to understand the extent of the client’s desire to be emo0onally involved, 

respec0ng privacy, space, and 0ming.  

  

Finally, empathy is precisely the ability to help others and give emo0onal support—making 

the guest feel understood, respected, reassured, and protected in their needs, fostering a 

unique experience that gra0fies the desire to feel unique.  

  

In the management of complaints and discomforts, in addi0on to the mere tangible tools 

that can obviously sa0sfy the guest, there are corresponding levels of deeper 

psychological needs to be met.  

  
In this direc0on should move the personaliza0on of the offered service: on one hand, 

adap0ng it based on the requests and desires of the guest (e.g. in the menu, diet requests, 

etc.); on the other, it precisely means making the client feel ‘unique’ in rela0on to their 

expecta0ons, especially if they come from a country with a different culture.  

  

AntonieVa Albanese finally considers the use of a mul0cultural staff one of the keys in 

iden0fying the ideal emo0onal tools in the employee-client rela0onship.  

  

Key Points:  

- EI enhances guest experience quality and sa0sfac0on.  

- EI is a compe00ve differen0ator in luxury hospitality.  

- Challenges exist in EI training and prac0cal applica0on.  
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1.3: Anthropomorphic Design elements and Communica2ve Agency structuring 

in AI  

With the rapid and ongoing sophis0ca0on of ar0ficial intelligence, and its growing ability 

to replicate a convincingly human-like interface (par0cularly through language) we are 

now facing a set of ques0ons about the future of the hospitality industry.   

Could it be that, beyond simply improving efficiency (ex. back-end processes as seen), AI 

may become a key ally in enhancing the emo0onal intelligence framework that, as we 

have seen, is so vital for hospitality?  

In previous sec0ons, we examined how AI strengthens internal opera0ons and how EI 

serves as a cornerstone of the human side of service. Can these two aspects (AI and EI) 

work together in a genuine way? Not just coexist in parallel, but actually support and 

strengthen each other in ways that maVer, especially in a sekng where service is so 

deeply rela0onal.   

To do this, we will start analyzing the ability developed in recent years that could allow 

ar0ficial intelligence, as we have seen in part at the end of paragraph 1.1.2, to approach 

front-end works. In this case, we refer to the so-called Conversa0onal Agencies, which 

have undergone rapid evolu0on in the last decade.  

Already in 2017, Larivière in his ar0cle, put forward as more relevant and central 

challenges the ability to improve interac0ons between AI and customers, as it considered 

the interface between companies and customers evolving towards a domina0on of 

technology, where intelligent assistants play the role of interface instead of human 

opera0on.  

Firstly, AI communica0on between company and customers was configured as 

Disembodied conversa0onal agents, namely with the produc0on boom in 2017, where 

over 100000 chatbots were created (Araujo, 2018). Chatbots communicate and interact 
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in wriVen form. Later, a new form of IA conversa0on agent was implemented, the 

disembodied voice assistants compared to text-based interac0on. Voice assistants offer 

speech as a new interac0on modality. Specifically, speech is natural and intui0ve, which is 

why companies use VAs in customer service (Przepka C., Berger B., Hess T., 2022).   

In the hospitality sector, the success of Customer service depends on the capability to 

offer interac0ons that are at once efficient, engaging and emo0onally sa0sfying.   

Following the task-technology fit theory, empirical evidence (Przepka C., Berger B., Hess  

T., 2022) demonstrates that the correspondence between the modality of interac0on 

(voice or text) and modality of task (directed or experien0al) affects customer sa0sfac0on 

and percep0on.  

in line with other recent experimental findings (Diederich et al., 2022) it has been 

observed that voice interac0on with virtual assistants, as opposed to text-based 

interac0on, generates greater perceived efficiency, lower cogni0ve effort, and higher 

enjoyment, especially when guests engage in complex but not strictly structured 

experiences, or cultural events during their stay.  

Conversely, for high goal directed tasks, such as checking a reserva0on, reques0ng the Wi-

Fi password, or inquiring about breakfast hours, text-based interac0ons may prove more 

func0onal. This is due to the guest’s ability to re-read informa0on at their own pace and 

keep a visible trace of the conversa0on. Moreover, simple yet repe00ve tasks, when 

handled via voice, risk being less prac0cal in noisy or shared environments, a frequent 

condi0on in hotel recep0ons or lobbies.  

This evidence suggests that, in implemen0ng AI in a customer service ecosystem in the 

hotel industry, it’s essen0al to implement hybrid interac0on modali0es that leverage the 

specific advantages of each technology. In other words, the interac0on design should be 

based not only on technological efficiency, but also on the fit between the modality and 

the type of tasks. For instance a voice assistant could be ac0vated through an in room 

smart speaker to suggest roman0c restaurants or scenic routes (experien0al tasks) while 
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a text-based chatbot could be integrated into hotel’s mobiles app to promptly answer 

prac0cal and standardized requests (goal directed tasks). Lastly, the vocal assistant is s0ll 

perceived as ‘new’ and s0mula0ng, and in fact it can offer a temporary hedonic advantage, 

the so-called novelty effect. However when this effect fades, people really start evalua0ng 

the real u0lity and pleasantness of the vocal assistant, so in the long term, the sustainable 

adop0on of voice assistants in hospitality requires a design that focuses on both func0onal 

value of user experience, balancing u0litarian benefits with emo0onal engagement. So it 

has to find the right balance between useful and enjoyable.  

  

1.3.1: Anthropomorphism and his role in AI  

This is where the concept of anthropomorphism becomes relevant — the tendency to 

ascribe human quali0es to non-human agents. According to Epley et al. (2007), when 

machines behave in ways that feel human — through tone of voice, word choice, or the 

way they respond in conversa0on — people are more likely to trust them, to interact with 

them more naturally.  

This perspec0ve is further reinforced by a pivotal author of this psychological branch, 

Araujo, which in 2018 found that anthropomorphic design cues and communica0ve 

agency framing significantly influence users percep0ons of both the conversa0onal agent 

and the company it represents.  

In the context of voice assistants, this dynamic plays a major role in improving not only 

how users perceive func0onality but also how much they enjoy the interac0on and also 

consequently how sa0sfied they are and how emo0onally connected consumers feel with 

the company aPer interac0ng with the chatbot. A human-like voice assistant can change 

an user's experience from useful to pleasant and emo0onally engaging.  

Thus, anthropomorphic design tac0cally tools, for it delicately balances u0lity with 

enjoyment. Especially in the hospitality sector, in which emo0onal connec0on and service 

personaliza0on differen0ate, a well-designed anthropomorphic voice assistant is able to 
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sa0sfy customers more through interac0ng in a way that is less mechanical and more 

personalized. Care is needed however. As WIRED points out (“The Uncanny Valley 

Nobody’s Talking About”), voices evoke discomfort when they are almost human but not 

quite, and they fall into the so-called uncanny valley. User expecta0ons, context, as well 

as cultural norms determine the effec0veness of anthropomorphism, therefore. 

Anthropomorphism if it is overused or if poorly executed could weaken trust plus make 

the interac0on feel eerie, not all that engaging.  

Crea0ng a voice assistant that is func0onally effec0ve and emo0onally pleasant requires 

finding the right degree of anthropomorphism. This is important to customer 

engagement, with idealiza0on of the company too.  

  

And we’re already seeing this play out in real hospitality environments. A good example is 

MarrioV Interna0onal, which stands out for its focus on innova0on and customer service 

and, as we’re gonna hear from one of the core of decision-making of MarrioV strategies, 

Miss. NicoleVe Harper, found in AI the best way to blend those two factors.  

They began tes0ng smart voice assistants like Alexa and Siri in guest rooms.   
Within a few years, these tools got upgraded, and now they installed IoT Guestroom Lab, 

sensors that allow guests to adjust the lights, temperature, curtains or TV just by speaking, 

offering a more fluid, hands-free experience that feels intui0ve and, in some ways, even 

personable (Marke0ng Dive, 2017).   

  

1.4: Our research   
These and other tools enhanced in the MarrioV agenda are not just technical 

conveniences; they mark the beginning of emo0onally responsive technology in 

hospitality. This capacity raises an important hypothesis: Can AI evolve into a rela0onal 

technology that complements or even enhances emo0onal intelligence in guest 

interac0ons?  
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To explore this ques0on, our research incorporates, alongside the MarrioV case, a second 

empirical component: a structured ques0onnaire targe0ng hospitality professionals. The 

goal is to gain insight into how industry prac00oners perceive the coexistence (or conflict) 

between ar0ficial and emo0onal intelligence in their work.  

The survey consists of 45 Likert-scale items (0–5) and is divided into three thema0c 

sec0ons:  

- The use of AI for opera0onal op0miza0on  

- The perceived value of emo0onal intelligence in daily hotel work  

- Willingness to adopt AI in guest-facing roles  

This exploratory study has three core objec0ves:  

(1) to measure the degree of openness to AI among hotel professionals,  

(2) to assess how central emo0onal intelligence remains in their strategic thinking, and  

(3) to examine whether a high regard for EI corresponds to skep0cism toward AI—or, 

conversely, whether professionals see these two elements as compa0ble or even 

complementary.  

Put simply: Are hotel managers who deeply value emo0onal intelligence more resistant 

to AI, or is there common ground where technology and human connec0on can thrive 

side by side?  

To find out, we have collected responses from a selected group of hospitality 

professionals, whose input will be analyzed in the following chapters. This mixed-method 

approach allows us to go beyond theory—grounding our inquiry in the actual sen0ment 

and experience of those working in the field today, and laying the founda0on for a more 

nuanced understanding of hospitality’s technological and emo0onal future.  
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CHAPTER 2 Methodology  
  

2.1 research approach  
This thesis embraces a hybrid methodological approach, and it unifies qualita0ve and 

quan0ta0ve strategies to furnish a more exhaus0ve perspec0ve of the subject. These dual 

strategies exist to reconcile specificity alongside generality because they include both the 

subtle accounts of specialists and wide-ranging trends derived from quan0fiable evidence.  

  

- QualitaOve Method: (explore the CASE STUDY)  

This research has an explora0ve qualita0ve nature. A main component involves MarrioV 

Interna0onal research. MarrioV Interna0onal was selected because it occupies a pivotal 

role within the hospitality sector innova0ng it, through experiments, with ar0ficial 

intelligence. MarrioV possesses the reach plus means as a worldwide brand to use high 

technology showing an important example yet working in a sector where caring service 
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stays important. Therefore, studying MarrioV offers percep0on into how those innova0ng 

can introduce innova0ons without losing sight of the human dimension of service. In order 

to do this we interviewed NicoleVe Harper, Global Marke0ng Execu0ve of the company 

and I've integrated it with ar0cles about MarrioV.   

  

- QuanOtaOve Method: (descripOve)   

Alongside the qualita0ve strand, the quanOtaOve component of this research is 

descripOve in nature, designed to chart broader tendencies and allow for structured 

comparison. With careful grouping of them into three thema0c areas, the instrument was 

built up from around 45 Likert-scale items like 1. AI use for opera0onal op0miza0on,  

2. the importance aVached for emo0onal intelligence and 3. being open to AI in guest-

facing roles. The survey, through the use of this structure, was created to capture both 

respondents' posi0ve or nega0ve feelings toward AI. In other words, it helped iden0fy if 

managers draw boundaries around specific uses for using this instrument. Also, this 

helped determine how these boundaries relate with their views on emo0onal intelligence.  

 -  In Conclusion  

Combining these approaches lacks sufficiency using either approach on its own as a 

ra0onale. However, a single case study, even if rich, risks being too specific, while survey 

results can alone lack texture if we have only lived experience.   

  

2.2 Data collec2on  
Inves0gators accrued data along this dual track. This trajectory steered the informa0on 

gathering.  

Data for the qualita0ve por0on was amassed via both original and deriva0ve origins. In 

order to recons0tute how MarrioV structured its AI adop0on strategies along with how 
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these subsist alongside endeavors for developing emo0onal intelligence, corporate 

reports, industry analyses, also academic ar0cles underwent review.   

Concerning the quan0ta0ve element, the informa0on originated from a digital survey 

disseminated to specialists employed within hospitality administra0on posi0ons. 

Respondents could ar0culate subtle sen0ments, explicit advocacy, or dissent via the 

survey's employment of a five-point Likert scale. In all, 28 legi0mate responses were 

acquired. Even though this number may not permit sta0s0cal generaliza0on for the whole 

business, it resides inside limits that scholars in u0lized social sciences deem adequate 

regarding ini0al inves0ga0on.   

In this way, the thesis has its empirical founda0on because it builds on two 

complementary types of evidence: a case study's contextual depth as well as expert 

tes0mony, furthermore paVerns emerge that are measurable from a targeted survey. This 

stra0fied architecture guarantees that the scru0ny stays embedded in applica0on and 

related to wider inclina0ons, and it proposes a viewpoint that prac0cal and responsive to 

the view on hospitality.  
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CHAPTER 3 Case study: MarrioP  
 
 

3.1: introduc2on  
MarrioV Interna0onal is one of the largest and most renowned hotel chains in the world.  

Founded in 1927 by J. Willard MarrioV as a simple root beer stand in Washington D.C., the 

company has evolved into a hospitality giant with over 9,500 proper0es in more than 130 

countries.   

The group manages a pornolio of 36 different brands, ranging from ultra-luxury with Ritz-

Carlton and St. Regis, to accessible elegance with MarrioV Hotels and Sheraton, and even 

more affordable solu0ons like Courtyard and Fairfield Inn.  

MarrioV stands out for its focus on innova0on and customer service, emphasizing the 

quality of the guest experience and loyalty programs such as MarrioV Bonvoy, which 

allows members to earn points for free nights and exclusive benefits.   
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MarrioV’s business model is primarily based on franchising and hotel management, thus 

reducing risks associated with direct property ownership. This strategy has allowed it to 

grow rapidly while maintaining high standards and consistency across all its loca0ons.  

The company has also heavily invested in digital solu0ons, facilita0ng bookings and check-

ins through mobile apps and online planorms, and that is where our interest is focused.  

  

3.2: a constant rising: the 2016 acquisi2on of Starwood  

The 2016 purchase of Starwood Hotels & Resorts Worldwide represented an important 

juncture in MarrioV’s evolu0on, an union that subsequently forged the world’s 

preeminent lodging enterprise including over 5,500 sites and exceeding 30 marques.  

MarrioV's global footprint expanded via this planned move that cons0tuted a statement 

of ambi0on coupled with a financial opera0on, strengthening its presence throughout the 

luxury and lifestyle segments into new markets. By virtue of MarrioV assimila0ng 

Starwood’s strong collec0on, including marques like Sheraton, Wes0n, W Hotels, and St. 

Regis, MarrioV augmented its demographics and refined its infrastructure. MarrioV 

Bonvoy, a consolidated planorm totaling presently over 180 million members globally, 

fundamentally was created from MarrioV Rewards plus Starwood Preferred Guest's (SPG) 

integra0on. MarrioV's aspira0on for self-posi0oning as a novelty worldwide, although 

that unifica0on presented complexi0es regarding synchronizing trademark recogni0ons 

and adjus0ng func0onal schemes (MarrioV Interna0onal 2016; The New York Times 

2016).  

  

3.3: Brand posi2oning  
With 36 brand and over 10.000 des0na0ons worldwide, MarrioV interna0onal represents 

an unique case in hospitality sector: this extensive network offer a significant compe00ve 

advantage, aVrac0ng a highly heterogeneous clients (NicoleVe Harper, 2024)  
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In fact, the brand posi0oning revolves around two fundamentals: accessibility and 

benefits. MarrioV aims to deliver excep0onal value for money without sacrificing quality 

and comfort, differen0a0ng itself with a pornolio of more than 30 brands that allow it to 

reach different targets and meet specific needs. Personaliza0on of the experience, digital 

innova0on and loyalty programs like MarrioV Bonvoy further strengthen the customer 

rela0onship by s0mula0ng engagement and reten0on(mother design, 2024)  

MarrioV also stands out for its commitment to sustainability, social responsibility and 

inclusiveness, all of which help build a strong and modern reputa0on in an increasingly 

sensi0ve marketplace. In short, MarrioV’s brand posi0oning is based on a combina0on of 

accessibility, quality, diversity and responsibility, with the ambi0on to be synonymous with 

global and innova0ve hospitality (laVery.org, 2025)  

  

3.4: How MarrioN manages marke2ng and communica2on - an interview with 

NicoleNe Harper, Global Marke2ng Execu2ve  

The recent integra0on of ar0ficial intelligence within MarrioV’s structure stems from the 

vision of Nicole[e Harper, now Global Marke0ng Execu0ve of the company.  
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As outlined in the methodology, I considered important to interview Miss.Harper in order 

to gain a deeper understanding of what it has meant to advance this process, as well as 

the theore0cal and prac0cal founda0ons on which it has been carried out.  

For Harper, the varsity of MarrioV Pornolio represents the core of MarrioV advantage in 

the global hospitality sector, but such a broad diversifica0on also entails considerable 

complexity, especially in the management of marke0ng and communica0on.   

Mostly aPer Starwood acquisi0on, many brands present similar value proposi0ons and 

address a shared audience, increasing the risk of overlap and this requires sophis0cated 

approaches to balance the promo0on of different   

So this required the adop0on of different Strategies:   
- Time diversificaOon - Those brands who share a similar target are promoted in 

different 0mes, according to certain characteris0cs, an example that misses. 

Harper believes it’s func0onal is Courtyard and Moxy, two brand that are 

associated to as a Selected ‘percep0on’, where the former is associated with 

spor0ng events such as the NFL and so can be adver0sed during the sports season, 

while the laVer, with its modern and youthful style, is reserved for periods when 

the focus shiPs to lifestyle experiences.  

- DifferenOaOon of communicaOon channels - Another solu0on is to diversify the 

adver0sing channels used for each brand. For example, one brand may focus on 

tradi0onal planorms like TV, while another focuses on targeted social media 

campaigns. This strategy not only reduces internal compe00on, but also allows 

you to op0mize results by exploi0ng the peculiari0es of each planorm.  

- TargeOng based on interests and experiences - MarrioV also explores the 

aggrega0on of mul0ple brands around specific interests or experiences, crea0ng 

product clusters to aVract specific segments. For example, families planning beach 

holidays can be targeted through a campaign that combines brands focused on 

seaside des0na0ons, presen0ng a combined offer that directly responds to their 

needs.  
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3.5: How AI affected Marke2ng and the use of CDP  
As a miss. Harper explained to us MarrioV's vision is clear: to exploit technology to 

enhance the human experience.  

In an increasingly personalized world, MarrioV Interna0onal stands out for its ability to 

deliver experiences tailored to our guests, balancing this focus with compliance with 

privacy and data regula0ons.  

The differences between MarrioV and other hospitality brands is reflected through their 

class in their marke0ng approach: MarrioV found a balance between being useful and not 

appearing intrusive in their communica0on. Clients love receiving one adver0sing but 

specific on their interest, and nowadays this is possible with AI.  

MarrioV leverages both Automa0zed data planorm and the data gathered through The 

Bonvoy fidelity program- Specifically they use a Customer data planorm (CDP). It’s a 

soPware package that creates a unified and persistent customer database, accessible to 

other systems.' In other words, it’s a system that centralizes customer data from all online 

and offline business sources (including websites, email, social media, mobile apps), 

making it available to other internal systems.  

 A CDP allows you to track and manage all current and past customer interac0ons, based 

on up-to-date and complete data (boraso.com, 2024)  

It allows the company to subdivide and group the audience according to common 

characteris0cs such as behaviour, interests, past purchases and personal and 

psychographic data.  

What data are purchased?  
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Specifically:  

-Behavioral or event data: your ac0ons on the website, app and mobile browser. -
Demographic data or aVributes: name, contact details, date of birth and email address  

-Transac0onal data: purchases, returns and other informa0on from eCommerce or POS 

systems as well as customers' purchase history.  

-Customer service data: live chat informa0on, number and dura0on of interac0ons, 

frequency and other data from CRM systems.  

-Email and SMS marke0ng campaign metrics: engagement, reach, impressions and other 

campaign metrics.  

 

3.5.1: Instruments to leverage the CDP  

APer the data storage, the CDP also offers advanced analy0cs tools, including machine 

learning, that iden0fy paVerns and trends in customer data to develop more effec0ve 

marke0ng strategies.  

In fact the purpose of the CDP within MarrioV is to transform raw customer data into 

ac0onable intelligence. Once informa0on is stored and unified, the CDP employs 
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advanced analy0cs and machine learning models to iden0fy paVerns and predict 

customer behaviors: as NicoleVe says in her interview, the company needed to change 

their perspec0ve about the client, surely the name Marriot, would have led customers to 

put up with whatever they had to in order to book, but just because we’re doing well, 

doesn’t mean we’re doing our best; that's why we moved from relying on what we think 

we know about our customers and what they want, to actually measuring what they really 

think and want.  

So the predic0ve capability enables the Company to an0cipate guest needs, such as the 

likelihood of booking an upgrade, using spa services or returning within a specific 

0meframe and so to deliver highly personalized communica0ons across digital channels. 

For instance, models of propensity to upgrade can trigger targeted pre-arrival offers( for 

example: discounted premium rooms with late check out), while next-best-offer engines 

recommend ancillary services during the stay, and churn predic0ons models ac0vate 

tailored post stay campaigns to increase repeat bookings.   

Evidence across the hospitality industry confirms the economic value of such 

personaliza0on:  data-driven personaliza0on strategies can raise revenues by 10-15% on 

average, with peaks up to 25% in best in class execu0ons(McKinsey2021). Moreover, 61% 

of travelers declare themselves willing to pay more for personalized experiences (Medallia 

2024), while sector analyses demonstrate that the integra0on of loyalty data into CDPs 

strengthens direct booking and life0me value(h2c 2024; HospitalityNet2023).  

Marriot’s adop0ons of predic0ve analy0cs through the Bonvoy ecosystem thus not only 

improves guest sa0sfac0ons but also creates tangible financial benefits, reinforcing the 

strategic link between customer experience and profitability  
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3.6: u2liza2on of ai for opera2onal processes  
Beyond marke0ng and customer personaliza0on, MarrioV Interna0onal has increasingly 

used ar0ficial intelligence so as to make its own internal opera0ons much more efficient.  

 Introduced around 2025, the Automa0c Complimentary Upgrade (ACU) system is a 

prominent ini0a0ve using AI to allocate complimentary room upgrades to elite Bonvoy 

members automa0cally. Staff at the front desk once had to check room availability, elite 

status, and upgrade eligibility by hand. That task was 0me-consuming in addi0on to error-

prone. The AI tool enables the system to be able to process thousands of assignments 

within seconds. Also, it balances priori0es of loyalty with availability, and staff workload 

decreases. This innova0on streamlined front desk opera0ons as well as made upgrade 

alloca0on more transparent and consistent (Ben Schlappig, 2025)  

Opera0onal AI is used for smart guestrooms. MarrioV has been experimen0ng via the  

IoT Guestroom Lab through occupancy sensors and connected devices plus smart mirrors 

along with mobile-controlled HVAC and ligh0ng systems. Hotels use these technologies to 

change temperature, ven0la0on, and illumina0on dynamically due to guest presence plus 

their individual preferences. MarrioV did report on some meaningful poten0al savings 

when it came to energy consump0on while s0ll preserving guest comfort though pilot 

phases remained ac0ve. This posi0ons the brand as technologically advanced along with 

environmentally responsible (Maryna Synytsia, 2022).  

MarrioV also established an AI Incubator for tes0ng opera0onal use cases across 

proper0es worldwide. These include predic0ve maintenance tools analyzing data from 

HVAC systems along with other equipment so that they forecast failures, which enables 

interven0ons for preven0on, with digital assistants powered by AI that are designed so 

they alleviate rou0ne front desk interac0ons. Specific numerical results are not always 

disclosed, but MarrioV indicates automa0on reduces repe00ve manual tasks. This 

automa0on allows for employees to dedicate more 0me to guest-facing ac0vi0es, so it 
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reinforces service quality and improves on opera0onal efficiency (AIExpert. Network 

2024).  

These ini0a0ves that are taken together show MarrioV leveraging AI as a driver for 

transforma0on opera0onally plus in marke0ng and also in engagement. MarrioV 

automates repe00ve tasks, op0mizes energy consump0on, and an0cipates maintenance 

needs because it increases produc0vity, reduces opera0onal costs, and sustains high levels 

of service delivery across its global pornolio.  

  

3.7: sustainability and AI  
MarrioV Interna0onal covers a pivotal role in the hospitality sector into reducing 

environmental impacts, and AI play a very func0onal role in this ‘game’  

We can observe how Marriot, in all the external and internal communica0on, feels 

compelled to operate responsibly while expanding his global presence (MarrioV 

communica0on, 2024)  

Apart from integra0ng sustainability across our value chain and mi0ga0ng climate related 

risk, MarrioV is working, also thanks to third collabora0ons, to reduce the environmental 

impact, with the goal to reach net-zero value chain greenhouse gas emissions by no later 

than 2050.  

 

3.7.1: automa2za2on of the Scope 3 emissions calcula2on process  

Very interes0ng is the automa0za0on of the Scope 3 emissions calcula0on process Before 

stepping into the process, we have to define this type of emissions:  

Scope 3 emissions are a category of greenhouse gas (GHG) emissions generated by 

business opera0ons from sources that are not directly owned or controlled by an 

organiza0on, such as the supply chain, transporta0on, product use, or disposal. Also 
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known as value chain emissions, they are the most difficult to measure and 

reduce(ibm.com)  

How the process was managed by Marriot   

First step: engaged a Carbonium consultee to draw up an Inventory management plan 

(IMP), a strategic and organiza0onal document, enveloped as basis for managing and 

monitoring the emission of scope 3  

Precisely is a ‘map’ to manage data and define the calcula0on rules second step: 

integra0ng the process of mapping emission factors to expenditure data  

integra0ng IA required collabora0on with the IA developer and the development of an 

internal climate Ac0on program database, this integra0on process took approximately 

one year to complete (SED interna0onal, 11-2024)  

An emission factor is a coefficient that allows the company to convert a specific ac0vity 

into an es0mated amount of greenhouse gas emissions.  

companies collect data on their expenditure (for example, purchases of goods and 

services) and assign an appropriate emission factor to each category of expenditure.  

 This process allows the es0ma0on of indirect emissions associated with the economic 

ac0vi0es of the organiza0on (ibm.com, 2025) even if we don’t have specific data  

  

Specifically, MarrioV takes inventory from its General Ledger spend and assigns emission 

factors based on the nature of the spend. (SED interna0onal, 11-2024)  

The wall to climb for Marriot, consisted in the diversity of descrip0ons associated with 

costs and, it’s here, that IA played a fundamental role…  
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In a global company like MarrioV, the expenses recorded in the General Ledger can have 

very different descrip0ons, making it extremely complicated to efficiently organize all 

expenses with respect to emission factors.  

AI was essen0al precisely at this stage: thanks to its ability to quickly process large 

amounts of unstructured data, it was able to analyze the expense descrip0ons, associate 

the appropriate emission factors, and automate a process that would otherwise have 

been manual and error-prone.  

To achieve this, it was necessary to restructure the CAP database, allowing expenses to be 

reported at the level of individual hotels or business en00es, with every available detail, 

and then send it to the AI tool for fast processing.  

Between the speed of automa0on brought by AI and the restructuring of the CAP 

database (which eliminated methodological assump0ons and increased data granularity), 

MarrioV was able to provide the AI planorm with enhanced CAP data, thus enabling it to 

calculate emissions with greater accuracy.  

  

So, this calcula0on method is par0cularly useful when specific ac0vity data are 

enormously varied.  

Using this process, specifically the expenditure data, MarrioV could es0mate their 

‘indirect’ emissions, iden0fying areas where ac0on could be taken to reduce the 

environmental impact  

  

3.7.2: Results of Ia integra2on (SED, 11.2024), (MarrioN annual report, 2024)  

-Marriot, since the adop0ons of this instrument, have easily reduced the Scope 3 Emission 

of 5-10%  
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-Marriot is also able to es0mate 0me saved by comparing workloads for measuring 

emissions from prior years. Current es0mates mark 250 hours saved   

  

3.7.3: Food Waste Management in China through AI  

MarrioV has partnered with Wastely to implement a food waste reduc0on program at 

more than 70 operated hotels in the Greater China region. Using big data and ar0ficial 

intelligence, Wastely’s technology measures, tracks and analyzes food waste, suppor0ng 

the company’s waste reduc0on goals.   

In 2023, these proper0es collec0vely reduced food waste by more than 255,000 

kilograms, with an average 65% reduc0on per hotel aPer at least four months of 

par0cipa0on in the program.  
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CHAPTER 4 The ques1onnaire  
 
 

4.1 Ra2onale and Framing  
  

In order to strengthen and complement the qualita0ve analysis of the MarrioV 

Interna0onal case, a structured Likert-scale ques0onnaire addressed to hotel 

professionals is included in this study as a second empirical component. The purpose is to 

gather grounded understanding into how those managing luxury hospitality perceive 

Ar0ficial Intelligence (AI) and Emo0onal Intelligence's (EI) integra0on in opera0ons.  

  

This addi0on's central idea stems from research's ques0on: can EI as well as AI truly coexist 

in a hotel environment without the one weakening the other? AI use is known to 

streamline workflows and tailor offers from user data (Chi et al., 2024;). Yet, in luxury 

hospitality, success hinges on something that is less quan0fiable which involves 

connec0ng emo0onally as well as empathizing plus being able to “read the room” 

(Goleman, 1995).  

  

To explore this, the ques0onnaire was designed around three well-established theore0cal 

perspec0ves:  

● Goleman’s Emo0onal Intelligence theory, which highlights the importance of 

empathy and rela0onal competence in service;  

● Davis’s Technology Acceptance Model, which addresses how people adopt new 

technologies depending on their perceived usefulness and ease of use;  

● and Anthropomorphism theory (Epley et al., 2007), which looks at how humans 

respond emo0onally to non-human agents designed to imitate them.  

 
The ques0onnaire includes 45 statements, grouped into three thema0c areas:  
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1. AI for opera0onal improvement: gauging whether hoteliers find AI prac0cal and 

desirable for op0mising staff management, logis0cs, and data handling;  

2. Importance of Emo0onal Intelligence: understanding how much weight they place 

on emo0onal sensi0vity in their service culture;  

3. AI in guest-facing roles: examine if they are comfortable with introducing AI into 

the front desk or conciergerie, areas that tradi0onally rely on human warmth.  

Taken together, the responses aim to help answer a key exploratory ques0on:  

Are hotel professionals who priori0se emo0onal intelligence more likely to be scep0cal 

about AI—especially when it comes to guest interac0on? Or is there room for the two 

forces to work in harmony?  

  

4.2 Sampling and Data Validity  
  

This study integrates within it a quan0ta0ve descrip0ve component using a structured 

ques0onnaire designed for hospitality professionals, par0cularly hotel managers and 

owners. Par0cipants get chosen since their engaged management role within hotels 

makes certain responses show informed opinions about choices for planning and 

opera0ons.  

  

The sample sta0s0cally shows no industry representa0on aVempt. Instead, it's built for 

capturing meaningful input from people. Those people happen to be in posi0ons in order 

to influence or to implement technological change. Hospitality research widely uses this 

targeted approach since the intent is genera0ng analy0cal percep0ons instead of 

universal claims (Yin, 2018).  

  

The ques0onnaire is designed so it can highlight broad paVerns in addi0on to correla0ons. 

Because this is more of an exploratory study, specific hypotheses are not tested. To collect 

between 25 and 40 responses, generally considered to be solid for exploratory applied 
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social sciences work (see Creswell & Creswell, 2018; Bryman, 2016), is what we aim to do. 

Aktudes directed toward AI within guest-facing roles and emo0onal intelligence value 

plus openness for AI throughout opera0onal trends can be understood by this range in a 

reasonable way.  

  

In order to give even more context for all of the responses, par0cipants also will be asked 

to share some basic informa0on about their background. This informa0on will include 

years of experience in the type and category of hotel and the size of their opera0on. This 

allows for some segmenta0on within the analysis in the event that prominent paVerns 

are emerging based upon those characteris0cs.  

  

We will do an analysis of all of the data with some basic sta0s0cal methods. We will use 

mean scores with frequency distribu0ons and cross-comparisons between the sec0ons of 

the ques0onnaire. The aim here isn’t to conclude so firmly or predict any behaviours but 

instead to picture even more clearly how those people perceive both AI and also 

emo0onal intelligence and then see them as conflic0ng or complementary forces.  

  

  

4.3: The Ques2onnaire  
  

4.3.1: Operaliza2on  

  

We needed a tool that could do much more than just collect opinions in order to explore 

the subtle rela0onship between ar0ficial and emo0onal intelligence in hospitality. To 

capture those subtle tensions and harmonies within industry leaders' thinking, we needed 

to measure sen0ment, crea0ng a ques0onnaire intended to create a structured 

conversa0onal tool for capturing how industry leaders think of today's challenges and 

opportuni0es. To define the three main pillars that came out of the literature review was 
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our start. Our ques0onnaire showed a direct and focused intent. These were on account 

of the core themes or latent constructs.  

  

1. AI for Opera0onal Op0miza0on: AI for Opera0onal Op0miza0on was designed in 

order to gauge the logical and prac0cal acceptance for AI. We intended to learn if 

managers would integrate these tools into the hotel’s engine room. Staff 

scheduling, financial repor0ng, and revenue management may use these tools.  

Usefulness and also perceived efficiency are the underlying ques0on.  

  

2. The focus within Emo0onal Intelligence (EI) shiPs from the opera0onal to the 

human. The aim was for measurement of how important they considered 

emo0onally resonant service to be. We sought comprehension of the value 

professionals assign to rela0onal skills with empathy. Real human interac0on has 

long defined luxury hospitality so we tried understanding it as well..  

  

3. AI in Guest-Facing Roles: This final sec0on exists upon the fron0er. The ques0ons 

explored the comfort and trust around AI handling guest interac0ons.  

Customarily, human warmth along with intui0on were reserved for this domain.  

  

With these three pillars established, the process of ques0on development began. Our 

approach was a hybrid one, blending the rigor of academic theory with a crea0ve, 

brainstorming process. Each of the 45 statements in the final ques0onnaire is the result 

of a mul0-stage refinement.  

  

We anchored each sec0on at first. Prior theore0cal frameworks got discussion earlier.  

Ques0ons covering opera0onal AI drew upon the Technology Acceptance Model's logic 

(TAM), while the EI sec0on built upon Goleman’s founda0onal work. The final sec0on, 

because it concerned AI that is in guest services, was informed via research upon 
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anthropomorphism and also the psychology that is human-robot interac0on. Theory 

supplies a sound research instrument, not just random gathered ques0ons.  

  

  

4.3.2: Using AI for Hotel Op2miza2on  

  

Goal: To explore how willing hoteliers are to adopt AI across core opera0onal areas (e.g., 

planning, logis0cs, HR, accoun0ng, sustainability, marke0ng).  

  

TheoreOcal base:  

Davis (1989) – Technology Acceptance Model: perceived usefulness → acceptance  

Chi et al. (2024) – AI improves sa0sfac0on via opera0onal enhancement  

Kuo, Chen, Tseng (2024) – AI in automa5on and back-end systems  

Deng et al. (2023) – Efficiency vs. human connec5on risk  

MarrioV case – shows prac0cal uses (e.g., CDP, staff scheduling, sustainability tracking) Chi 

O., et al (2020) -’ar0ficially intelligent device use in service delivery: a systema0c review, 

synthesis, and research agenda   

  

Response Scale  

0 – I totally disagree  

1 – Slightly agree  

2 – Somewhat agree  

3 – Moderately agree  

4 – Mostly agree  

5 – Totally agree  

 

 

Statements  
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I would consider using AI tools to help forecast demand and occupancy throughout 

the year.  

2. If it could improve efficiency and staff sa0sfac0on, I would be open to using AI to 

schedule housekeeping shiPs.  

3. I believe AI systems could handle accoun0ng and financial repor0ng tasks more 

effec0vely than manual methods.  

4. I would adopt AI soPware that predicts guest cancella0ons or no-shows based on 

historical paVerns.  

5. I think AI could support beVer alloca0on of resources during peak and off-peak 

periods.  

6. I’m in favour of automa0ng basic back-office opera0ons—like inventory tracking or 

invoicing—using AI tools.  

7. I would see value in using a Customer Data Planorm (CDP) powered by AI to help 

personalise guest experiences.  

8. I would be open to lekng AI suggest dynamic room pricing based on market 

trends.  

9. I believe an AI system could outperform staff in some areas of revenue 

management.  

10. I would use an AI-powered internal assistant to support staff communica0on, like 

managing shiP changes or daily updates.  

11. I would rely on AI to scan guest reviews and iden0fy common feedback themes.  

12. I believe AI could be a helpful tool for managing environmental data, such as 

tracking energy or water usage.  

13. I would feel comfortable connec0ng AI systems to our PMS to automate logis0cs 

0ed to guest preferences.  

14. I would allow AI to generate reports on hotel performance and suggest areas for 

improvement.  

15. I believe introducing AI could help lower overall opera0onal costs in my hotel.  
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4.3.3 Sec2on 2: Emo2onal Intelligence in Hospitality  

Goal: Explore two dimensions: how Hotel Managers value the EI and role of emo0onal 

intelligence (EI) in quality service, managing staff, and maintaining guest sa0sfac0on.  

TheoreOcal base:  

● Goleman (1995) – Core EI framework: self-awareness, empathy, social skills  

● Gupta & Sharma (2023) – EI as a compe00ve differen0ator in luxury  

● Nguyen et al. (2024) – EI linked to customer loyalty  

● Kim H. et Al.,	(2024) (2024) – EI as key in service personaliza0on  

● Kim, Park, & Lee (2023) – EI drives experien0al luxury  

15 Likert-Scale QuesOons  

SecOon: EmoOonal Intelligence in Hospitality  

Response Scale  

0 – I totally disagree  

1 – Slightly agree  

2 – Somewhat agree  

3 – Moderately agree  

4 – Mostly agree  

5 – Totally agree  

Statements  

1. I see emo0onal intelligence as one of the most important factors in how well my 

hotel team performs.  

2. Staff who show strong emo0onal awareness, in my experience, tend to form 

longer-las0ng connec0ons with guests.  
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If I knew for sure that emo0onal intelligence training could genuinely improve 

how guests feel about their stay, I’d be more than willing to invest in it for my 

team.  

4. According to my experience, whenever something’s gone wrong for a guest, it’s 

usually empathy (more than policy) that turns the situa0on around.  

5. Regarding roles that involve guest-facing, skipping over emo0onal awareness when 

hiring people feels like ignoring one of the most important parts of delivering real 

hospitality.  

6. In luxury sekngs, emo0onally intelligent staff oPen seem to shape how the brand 

is perceived, even without trying.  

7. I believe guests can easily pick up on whether or not service is delivered with real 

emo0onal care.  

8. Leadership that is grounded in emo0onal understanding tends to create a more 

stable, suppor0ve team culture.  

9. In guest-facing roles like recep0on, emo0onal intelligence oPen maVers more to 

me than technical ability.  

10. I make a point of encouraging my team to think about how emo0ons — their own 

and the guest’s — affect daily interac0ons.  

11. Emo0onal intelligence training isn’t priori0sed nearly enough in hospitality 

development programs, in my opinion.  

12. From what I’ve seen, emo0onally tuned staff can an0cipate guest needs even when 

nothing is said.  

13. Being able to adjust emo0onally helps staff handle different guest personali0es 

with more grace and flexibility.  

14. In sensi0ve guest situa0ons, I tend to rely more on intui0on than on standard 

protocols or data dashboards.  

15. The emo0onal awareness of the team, I believe, plays a big role in shaping both 

reviews and the overall guest experience.  
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4.3.4: Sec2on 3: AI in Customer Interac2on / Guest Services  

ObjecOve  

This sec0on aims to explore how hotel professionals feel about the use of Ar0ficial 

Intelligence in direct contact with guests—especially in areas tradi0onally defined by 

human warmth, empathy, and service intui0on. It looks at perceived comfort, trust, and 

the poten0al for AI to either support or dilute the guest experience.  

TheoreOcal base:  

The ques0ons reflect key insights from the literature on human-AI interac0on, 

anthropomorphism, and emo0onal authen0city. Researchers such as Epley et al. (2007) 

have shown that humans respond more posi0vely to AI systems with human-like traits. 

Other studies highlight both the promise (Chi et al., 2024; Ivanov & Webster, 2019) and 

the risks (Kim H. et Al., (2024) of introducing AI into emo0onally sensi0ve service contexts.  

Response Scale  

0 – I totally disagree  

1 – Slightly agree  

2 – Somewhat agree  

3 – Moderately agree  

4 – Mostly agree  

5 – Totally agree  

1. To beVer handle rou0ne ques0ons from the guests (like check-in 0mes or available 

services) I would be open to using a chatbot, if it freed up staff to focus on more 

complex needs.  

2. I would feel inclined lekng an AI system guide guests through check-in or check-

out, as long as it was reliable and easy to use.  

3. For simpler requests, I think AI could deliver a level of service that guests would 

find perfectly acceptable.  
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4. I’d be more inclined to use AI in guest-facing roles if the system was designed to 

sound or behave more like a real person.  

In general, I think most guests would be okay gekng help from a digital assistant, 

especially for basic things.  

6. I would consider using AI to personalise messages or services for guests based on 

their preferences and stay history.  

7. I get the sense that many guests today expect at least some digital automa0on as 

part of a modern luxury experience.  

8. I’d be fine using AI to handle the first line of communica0on—emails or messages 

before arrival—if it made the process smoother.  

9. I believe an AI system can be programmed to express empathy or care, at least in 

how it communicates.  

10. If it meant quicker replies and fewer mistakes, I’d be willing to let AI take over things 

like concierge requests or room service orders.  

11. I can see how lekng AI handle guest communica0on could take some pressure off 

my front desk staff.  

12. Personally, I prefer a blended approach: let AI deal with rou0ne tasks, but keep real 

people for more emo0onal or delicate situa0ons.  

13. I think younger guests, especially, are more comfortable interac0ng with AI and 

even expect it.  

14. I some0mes worry that relying too much on AI might make the hotel feel less 

personal or warm.  

15. I can imagine a future where AI gets good enough to match human staff in 

delivering emo0onally sensi0ve service—but I don’t think we’re there yet.  

The ques0onnaire is structured in three thema0c sec0ons (AI for op0miza0on, Emo0onal 

Intelligence, AI in guest services), each with 15 statements rated on a 0–5 Likert scale. we 

can interpret the response in different ways:  
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A. SecOon Scores (ThemaOc Indices)  

● Calculate the mean score per respondent (0–5 scale)  

● Calculate the average across all respondents  

This gives:  

SecOon  What a High Score Suggests  

AI for  

OpOmizaOon  

The respondent is highly open to using AI in operaOons (trusts its 
efficiency, sees value in automaOon, is future-oriented).  

EmoOonal  

Intelligence  

The respondent places strong importance on human emoOon, empathy, 
and relaOonal skills in hospitality.  

AI in Guest  

InteracOon  

The respondent is open to AI handling guest communicaOon and 
interacOon (especially if human-like), and is comfortable with tech 
replacing some emoOonal tasks.  

  

What we are looking for:  

● Tensions: e.g., someone high on EI but low on AI in guest services → more cau0ous, 

emo0onally focused profile  

● Harmony: high on both → believes in human–AI synergy  

● Resistance: low on all → skep0cal of both emo0onal training and technological 

tools  

● Efficiency-driven: high on AI op0miza0on, low on EI → focused on cost-saving, less 

on guest rela0onship quality  

  

4.4: Framework for Analysis  
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This analysis bases itself upon 30 professionals who now manage posi0ons within the 

hotel industry. The par0cipants come from a wide array of hotels, ranging over small, 

historic proper0es to large mul0na0onal chains (e.g., NH, Accor, etc.). These hotels can 

provide for you a broad snapshot of what the sector is.  

In our analysis, we will look through the responses to each ques0on, and we will calculate 

an average score to observe the general tendency toward agreement or disagreement on 

the scale we developed.   

We aim to see if we can recognize trends regarding tension, harmony, or resistance across 

the three sec0ons of our study. We want to determine whether the embrace of technology 

conflicts with the amount that we value human-centric service.  

We will examine whether or not they do disagree or agree with earlier literature, once we 

have these results. Specifically, what we want is to understand if hotels hold emo0onal 

intelligence in high regard. Does this great regard inspire or deter hotels from using AI in 

guest service jobs unrelated to the support center?  

Finally, we will integrate the findings and the MarrioV case study. This will allow us to 

discuss just whether the trend that advances AI adop0on is a path that is viable for smaller 

or more customary hotels-in short, whether this trend applies globally or only to large-

scale players. 

 

4.5: Sta2s2cal Tools  

To ground this analysis, a few key sta0s0cal methods will be used to interpret the 

ques0onnaire data.  

1. A Snapshot of the Data (DescripOve StaOsOcs) First, we'll get a clear picture of 

the responses.  
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- Mean (M):   

- Standard DeviaOon (σ):   

2. Finding the ConnecOons (CorrelaOon Analysis) This is where we'll hunt for the 

"harmony" and "tension" paVerns. We'll compare the scores between sec0ons to see 

how they relate to one another.  

- Pearson's CorrelaOon (r): This measures the rela0onship between two sets of 

scores (for example, the average score for EI vs. the average score for AI in guest 

services). The result r is a value between -1 and +1.	 

A score near +1 shows a posi0ve link (Harmony).  

A score near -1 shows a nega0ve link (Tension).  

A score near 0 means there’s no real connec0on.  

Formula: r = [ n(Σxy) - (Σx)(Σy) ] / √[ [nΣx² - (Σx)²] [nΣy² - (Σy)²] ]  

Where n is the number of par0cipants, and x and y are the mean scores for the two 

sec0ons being compared for each par0cipant.  

  

4.6: RESULTS   

4.6.1: result in the first part of ques2onnaire  

The first part of the ques0onnaire asked hotel managers to reflect on ar0ficial intelligence 

(AI) opera0onally inside hospitality.  

 These are backstage processes that most guests never see directly in fact: occupancy is 

forecasted (ques0on 1), shiPs are scheduled (ques0on 2), accounts are managed (ques0on 

3), sustainability is tracked (ques0on 12), or reports are generated (ques0on 14). These 
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func0ons remain hidden from visitors yet sustain a property's smooth running throughout. 

The level of reliability for all of these func0ons is important for this intended effect.  

The purpose was not only to establish whether managers are aware of AI, but also to know 

if they trust it enough for delega0on of tasks that shape the “engine room” of a hotel. 

Davis’s (1989) Technology Acceptance Model provides the theore0cal backdrop: adop0on 

depends less on abstract awareness also on usefulness people perceive. Usefulness 

prac0cally translates into lighter workloads, reduced costs, and more space for higher-

value service staff (Chi et al., 2024; Kuo et al., 2024). Yet as Deng et al. (2023) stress, people 

are usually enthusias0c about efficiency but doubt reliability or fear that human oversight 

erodes.  

Key Findings by Theme  

The clearest openness appeared around forecas0ng demand and resource alloca0on 

(ques0ons 1 and 5, M ≈ 3.7). Managers are comfortable lekng AI work through datasets 

to predict occupancy or balance resources, yet they s0ll prefer combining algorithmic 

forecasts with managerial ins0nct. A similar picture emerged with housekeeping 

scheduling (ques0on 2, M ≈ 3.6).  Efficiency finds a welcome here if staff feel sa0sfied.  

Therefore both produc0vity gains as well as workplace impacts do condi0on adop0on. 

About technology, Acharya and DaVa (2023) reached a similar conclusion. Staff acceptance 

oPen determines whether it succeeds in prac0ce.  

Enthusiasm dipped to a degree for finance and for repor0ng. Ques0on 3 was like this case, 

since M ≈ 3.4. Faster, more exact processing is aVrac0ve, but financial repor0ng mistakes 

risk heavier than forecas0ng errors. Efficiency as well as risk dislike do have a tension that 

is recurring. This tension is what appears right here.  

The highest scores were found in sustainability tracking (ques0on 12, M ≈ 3.8). Managers 

strongly supported AI systems that monitor energy, water, or waste. AI is a helpful partner 

because that excitement shows technology aligns with set goals since sustainability is a 

fiscal plus image issue. Support was also found with rou0ne back-office tasks like invoicing, 
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inventory, plus repor0ng. Moderate yet firm was the support given (ques0ons 6 and 14, 

M ≈ 3.5, 3.6). These rou0ne func0ons invite automa0on since professional iden0ty is not 

threatened.  

Dynamic pricing and revenue management generated greater scep0cism (ques0ons 8 and 

9, M ≈ 3.3 and 3.2). Managers do hesitate in order to fully delegate pricing to algorithms, 

fearing authority loss in addi0on to poten0al guest trust erosion, which is oPen regarded 

as a hallmark of exper0se (Deng et al., 2023). AI in review analysis (ques0on 11, M ≈ 3.7) 

was met with rela0ve enthusiasm. In contrast, it was so. Because managers considered 

this complementary instead of compe00ve, they valued the capability of machines to find 

paVerns and process online comments.  

Interpreta0on  

The paVern across these findings is consistent. Managers show the greatest openness to 

AI when it:  

● takes on repe00ve or heavily data-driven work (ques0ons 1, 2, 5, 11);  

● supports long-term goals without displacing human authority (ques0ons 12, 14); 

● improves efficiency while respec0ng staff morale (ques0on 2).  

By contrast hesita0on is most clear when error stakes are too high in ques0on 3 or when 

the task touches professional iden0ty in ques0ons 8 and 9. AI remains a suppor0ng actor 

not the lead. This picture thus emerges. Algorithms can be granted a voice by the 

managers, but not as the final word. This is aligned to the idea for “augmented 

intelligence,” under which humans s0ll judge as machines assist and structure.  

  

4.6.2: result in the second part of ques2onnaire:  

 EmoOonal Intelligence in Hospitality  

IntroducOon  
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Managers were asked in the ques0onnaire's second part to reflect upon EI's importance 

for their daily work. Ques0ons 16 and 30 explore quali0es like empathy, self-awareness, 

and deep connec0on with guests regarding their value. The inten0on is to determine 

whether people s0ll view EI as being central in hotellerie.   

General Trends  

The responses leP almost no room for doubt. With an average score of 4.2 out of 5, the Ei 

sec0on showed the strongest consensus in the whole survey. In prac0ce, managers were 

almost en0rely aligned: emo0onal intelligence is not a “soP” extra, but a core 

requirement. Unlike AI in opera0ons, where opinions leaned toward cau0ous op0mism, 

here the tone was unequivocal and consistent.  

Key Findings by Theme  

The early ques0ons define the tone. Regarding ques0on 16, it is widely agreed by 

managers that EI is one of the most important factors in team performance. This 

observa0on was reinforced by 17, showing that staff able to read emo0ons and respond 

appropriately create stronger, longer-las0ng guest rela0onships. These responses make 

clear that managers do not see EI as an abstract virtue but as a concrete driver of 

measurable results.  

Prac0cal investment followed naturally. Ques0on 18 was whether managers would be 

willing to fund EI training if guest sa0sfac0on improved. Yes it was the answer for most 

people. Ques0on 19 underlined empathy's role within problem-solving: empathy, rather 

than rigid rules, usually determines whether a guest leaves sa0sfied when something goes 

wrong. As many managers stressed, guests remember their treatment more than they 

remember the technical resolu0on of the ini0al issue.  

For hiring decisions there was similar emphasis. Ques0on 20 confirmed that overlooking 

EI during recruitment is a serious error. Employees with emo0onal intelligence influence 

brand percep0on almost without consciousness, Ques0on 21 suggested further. EI here is 

viewed as being linked for sure to a property's broader iden0ty, not merely as just a skill.  
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Guests did themselves perceive such a central role. In Ques0on 22, broad agreement was 

revealed that guests do immediately sense authen0c emo0onal care in service. Ques0on 

23 added that emo0onally aware leaders build team cultures of calmer and more 

suppor0ve types. This very stability ripples outward into that guest experience.  

Everyday prac0ce also came through clearly. Ques0on 25 showed that managers ac0vely 

encourage staff to reflect on the emo0onal side of service. Ques0on 26 showed discontent 

about formal EI training's absence within programs. This reveals a gap in the high value 

managers place on EI and the tools the industry provides.  

adaptability and intui0on emerged as key themes in ques0ons 27–29. Managers agreed 

that emo0onally tuned staff can an0cipate unspoken guest needs and adjust naturally to 

different personali0es. Several also acknowledged that they oPen rely on intui0on rather 

than rigid protocols in sensi0ve situa0ons. This blend of awareness and ins0nct was 

described not as a weakness but as part of the professional craP of hospitality.  

The sec0on concluded with a compelling result; Ques0on 30 highlighted the direct 

influence of team emo0onal awareness on reviews and overall sa0sfac0on. On this point, 

agreement was nearly universal: EI is not only a cultural value but also a factor that shows 

up in concrete metrics.  

The single note of cri0cism—ques0on 26 on the lack of structured training—does not 

challenge EI’s importance. Instead, it highlights the gap between what managers consider 

essen0al and what formal programs currently deliver.  

In short, emo0onal intelligence emerged as the strongest shared priority among 

respondents. With an average score of 4.2, it clearly outweighed AI in the degree of 

consensus. Managers consistently iden0fied empathy, awareness, and adaptability as the 

founda0ons of service, confirming what much of the literature already suggests: in luxury 

hospitality, emo0onal intelligence is a decisive differen0ator (Gupta & Sharma, 2023; Kim, 

Park & Lee, 2023).  
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4.6.3: result in the third part of ques2onnaire  

 AI in Guest Interac0on  

The third part of the ques0onnaire shiPed the spotlight to moments where technology 

does not only support opera0ons but meets the guest directly. These encounters such as 

check ins, or service requests, or first impressions at the front desk, can carry emo0onal 

weight, unlike during staff training or backstage tasks. Ques0ons 31 to 45 explore 

managers' preparedness for lekng AI step into situa0ons that require an emo0onal touch, 

and their view of it as something that may improve the service or risking hospitality's 

authen0city.  

Across the 30 responses, 3.3 as out of 5 was the mean score. This marks greater hesita0on 

in comparison to emo0onal intelligence (4.2) as well as opera0ons (3.5). Managers do 

appear to be cau0ously curious for they recognise AI's poten0al in terms of speed and 

convenience. These managers also worry about what is lost whenever machines replace 

people in emo0onally sensi0ve encounters.  

Managers felt comfortable lekng AI process requests rou0nely. Chatbots might handle 

simple requests (ques0on 31) if this will free the staff 0me so it can serve for difficult 

needs. Ques0on 33 echoed this confidence, also it noted that guests are likely to accept 

AI for straighnorward interac0ons.  

More cau0on was revealed in Ques0on 32 about AI guiding check-in or check-out. This  

opera0onal procedure, even if standardised, appears to be fundamental into costumers 

percep0on as the first contact with the hotel and so full reliance to ar0ficial intelligence 

was not approved by managers since failure risk at such a key touchpoint was too 

damaging.  

Guest expecta0ons also had an impact on aktudes. Most managers believe digital 

assistants for rou0ne maVers would be accepted according to Ques0on 35. Ques0on 37 

noted that many travellers now expect automa0on within luxury hotels. For the 
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genera0onal dimension, ques0on 41 added that AI is perceived as being more embraced 

by the younger guests during interac0ons.  

People in par0cular personalized content in an open way. This stood out. Managers 

indicated that they would use AI so as to tailor communica0on or services based upon 

guest history in ques0on 36. Ques0on 38 showed they had support of AI when it manages 

pre-arrival messages. Both show readiness to use instruments predic0ng wants also saving 

0me without rela0ng to people less.  

Ques0on 39 asked if care could convincingly be expressed via AI tone or wording. 

Managers leaned toward posi0ve but lacked confidence because they doubted whether 

simulated warmth could ever feel authen0c. This doubt increased along with ques0on 44: 

only a few managers foresaw later progress, even though most of them thought that we 

s0ll lack human emo0onal sensi0vity.  

Ques0on 43 worried managers because AI overreliance might make hotels seem less 

authen0c: Impersonality fears became their concerns.   

The central captured worry for the sec0on was just this: technology may smooth out 

logis0cs. Yet, it risks stripping hospitality of that defining quality of warmth.  

Even then, such a midpoint did appear. Ques0on 42 revealed a strong preference for hybrid 

models, AI handles the repe00ve tasks, and humans lead now in delicate or emo0onal 

situa0ons. Adding that the use of AI to relieve some pressure could be quite posi0ve, 

Ques0on 40 cited how the human element is not being erased.  

  

InterpretaOon  

Across responses, a consistent paVern appears. AI is welcomed when it:  

● manages rou0ne, low-stakes requests (31, 33); ● enhances personaliza0on and 

convenience (36, 38);  
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● reduces workload without eroding staff presence (40, 42).  
But hesita0on arises when AI is asked to:  

● simulate empathy or authen0c warmth (39, 44);  

● take over roles 0ed to iden0ty and guest trust (43);  

● replace professional judgment in sensi0ve, high-stakes moments.  

Managers frame AI not as a subs0tute for front-line staff but as an extra set of hands. They 

accept machines smoothing processes in the background, but draw the line where the 

“human touch” is central.  

Conclusion to Sec0on  

With an average score of 3.3, hotel managers approach guest-facing AI more cau0ously 

than other applica0ons. The preferred model is hybrid: technology for speed and 

consistency, people for warmth and authen0city. This aligns with the literature. Epley et 

al. (2007) show that people respond beVer to systems that feel human-like, but Tung, Au, 

and Law (2023) warn that overreliance risks dilu0ng service warmth. The survey results sit 

between these poles: managers are open to experimenta0on yet protec0ve of the human 

role that sustains luxury hospitality’s unique value.  
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CHAPTER 5 Conclusions  

  

5.1 Comparison between collected data and literature  

When results are compared with academic literature a clear paVern then emerges:  

Hotel managers do not oPen view things in a way that is different from what scholars have 

already described. The two perspec0ves instead seem to reinforce each other even in 

different tones.  

Managers gave a score of 3.5 on average for the first part of the ques0onnaire, a posi0ve 

score, though with cau0on. This fits comfortably inside Davis’s (1989) Technology 

Acceptance Model, which highlights technology is adopted when people see it as 

genuinely useful. Chi et al. (2024) and Kuo et al. (2024) noted what “useful” means in 

prac0ce: lighter workloads, and also fewer costs, and even more 0me for staff so they can 

focus on higher-value service. That survey of responses does suggest that the very same 

logic is at work here. AI gets par0cularly strong approval for sustainability tracking that 

depicts this perfectly (3.8 on average). AI is seen by managers as a partner in achieving 

broader goals since sustainability has moved to the centre of strategy, not only as an 

opera0onal helper.  

 That same enthusiasm mirrors a number of observa0ons within much of the literature. 

However, environmental responsibility has become a compe00ve necessity beyond a 

branding accessory.  

Revenue management plus pricing brought about a score around 3.2 or 3.3, on the other 

hand. The managers’ hesita0on here closely resembles an ins0nc0ve resistance to 

algorithms dicta0ng decisions 0ed to brand iden0ty as well as fairness, as Deng et al. 

(2023) describe. It is instead a defence of exper0se since human assessment seems vital; 

this is not a full AI rejec0on. Managers draw such clear boundaries at that 0me when 
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technology begins for the purpose of touching guest trust which the literature warned 

about and which the survey shows.  

That sec0on of emo0onal intelligence did align even more as well. With averaging a score 

of 4.2, the managers doubted nearly nothing: EI is not op0onal, it is necessary. The Results 

sec0on showed this unanimity plus Gupta and Sharma (2023) or Kim, Park, and Lee (2023) 

give broader consensus. These authors argue that EI differen0ates the high-end 

hospitality sector. The survey data confirms that prac00oners feel in the same way. One 

interes0ng cri0cism that appeared is EI training's frequent inadequacy which instead 

subtly adds to the literature. The gap between the value managers aVach to EI as well as 

the limited aVen0on it receives in formal programs is highlighted, a misalignment that 

theory and prac0ce seem keen to address.  

AI perhaps compares in a most delicate way in the guest-facing areas. The survey showed 

cau0ous curiosity (average 3.3): managers are open to using technology in rou0ne 

requests or pre-arrival communica0ons. They remain scep0cal about entrus0ng empathy 

or emo0onal care to machines. The literature has two strands within. This sits squarely 

between both of them. Epley et al. (2007) argue that anthropomorphism can increase 

trust that is, making systems feel human. Tung, Au, and Law (2023) warn that AI 

overreliance risks instead crea0ng emo0onally flat experiences.  

The managers’ preference toward a hybrid model AI and people shows how these two 

perspec0ves can coexist. The data do depict “augmented intelligence” in such a way: 

rather than being a subs0tu0on, a partnership exists right between people and machines.  

A partnership, clearly stated in the case study we followed.  

  
5.2: Comparison between the survey and the case study  

If we bring side by side the outcomes of the survey with what emerged from the MarrioV 

case study, a certain contrast becomes visible, though it is more apparent than absolute. 
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From the ques0onnaire, managers across different contexts expressed a major degree of 

hesita0on, par0cularly whenever ar0ficial intelligence appeared to intrude upon those 

domains where empathy and emo0onal intelligence are at stake.  

 In their eyes, EI remains a quality essen0ally human, not something to be comfortably 

assigned to algorithms.   

On the other hand, the MarrioV case allows us to see how, in a large interna0onal chain 

already engaged in implemen0ng AI across different services, resistance at the local 

managerial level has been gradually reinterpreted and, in many cases, overcome.  

Through the leadership of figures such as Bloomberg, the company managed to change 

the very meaning of experimenta0on.   

By means of Adobe Target, his team reframed the value of tes0ng: not every trial had to 

show a direct revenue gain to count as a success. On the contrary, even a nega0ve result 

could be considered a “win” if it produced reliable knowledge about guest preferences. 

As Bloomberg himself put it, “some0mes learning what our customers do not want from 

us is just as, if not more, impacnul as learning where we did well” (Susan Bloomberg, 

2021). By redefining failure as an opportunity to learn, the fear tradi0onally associated 

with innova0on began to fade, making experimenta0on a safer and more acceptable 

prac0ce.   

In addi0on, framing “loss preven0on” as a key performance metric further shiPed the 

focus even further, encouraging teams to see that experimen0ng protects against 

poten0al mistakes just as much as it seeks opportuni0es for improvement.   

Gradually, this cultural change mul0plied the number of tests conducted annually, 

confirming that resistance is not immovable: when managers are invited to treat 

technology as a source of insight and not a rival to their professional judgment, adop0on 

becomes significantly more achievable  
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5.3: Conclusions  

The combined reading of the survey and the case study suggests a conclusion that is both 

simple and demanding. Ar0ficial intelligence will not succeed in hospitality by trying to 

subs0tute the human element; it will succeed only where it is capable of complemen0ng 

it.   

The survey shows clearly how managers s0ll defend EI as indispensable, especially in 

guest-facing interac0ons. The MarrioV case confirms that these methods are well-

founded, yet it also demonstrates that resistance can be soPened. What maVers is the 

way technology is framed: when it is presented as an ally that supports learning and 

reduces risks, managers are more willing to embrace it.  

The points of tension are clear. Resistance tends to rise when technology appears to 

replace human empathy or when it threatens elements 0ed closely to brand iden0ty  and 

personal judgment. Where instead AI is placed at the service of opera0onal refinement, 

sustainability, or guest personalisa0on, integra0on is not only possible but welcome. 

MarrioV’s experience shows that what makes the difference is not so much the 

technology itself, but the perspec0ve with which it is introduced (Susan Bloomberg, 

2021.).  

Finally, the theme of anthropomorphism opens a further horizon. Studies have suggested 

that people respond more readily to systems that carry traces of human-like behaviour or 

tone. In an industry like hospitality, where human warmth and presence aVend to be the 

core engines , this approach may ease the interac0on between guest and machine. S0ll, 

both the data and the case study remind us of a fundamental truth: no degree of 

simula0on can en0rely replace genuine emo0onal intelligence. The craP of hospitality 

rests on human presence, and AI can at best act as a complement.  

In conclusion, the path ahead is not about choosing between ar0ficial and emo0onal 

intelligence, but a ques0on about learning how to coordinate them. Efficiency, predic0on, 



 

 
 

60 

and data-driven insight must be brought into harmony with empathy, adaptability, and 

care. Only by holding these two dimensions together will hospitality con0nue to evolve 

without losing its defining essence.  
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